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Fig.1 Flow chart of iterated cluster algorithm
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Table 1. The classification result contrast
between iterated algorithm‘of sample exchange

' "‘,’and maximum likelihood method
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A Method of Feature Selection and
Classification Based on Divergence

Lian ShiZhu

(Institute of Remote sensing for Application, CAS, Beijing,100101)

Abstract The separability of two pattern classes can be measured by the divergence for two Gaussian
distributions. Because the divergence is invariant under the linear transformation we can extract “good”
features for separating two patterns via Karhunen-Loéve transformation. It is shown that the divergence is
only dependent on two of n eigenvalues. One property of a “good” dichotomy is that each feature should be
effective for classification. Thus, a criterion function is proposed.

This algorithm, which is called as sample exchange algorithm, is convergent and it is a reasonable un-
supervised clustering method for classification.

Keywords Feature selection, Mixture normalization, Sample autocorrelation matrix, K-L expan-

sion, Eigenvalue, Eigenvector, Divergence, Iteration, Clustering



