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A Survey of Detecting Regions of Interest in a Static Image

ZHANG Peng, WANG Run-sheng
( ATR National Laboratory, National University of Defense Technology, Changsha, 410073 )

Abstract The detection of regions of interest (ROl) introduces visual attention mechanism from the human vision to the
image analysis. It is significant to improve the efficiency of the existing image analysis system. In this paper, the current
technique for detecting ROI in a static image is surveyed. After the background of ROI detection is introduced, the
mechanism of visual attention in human visual system is addressed firstly. And then the main algorithms of ROI detection are
classified into two categories including bottom-up method and top-down method. Each of them is discussed in detail
respectively. The primary applications of ROI are described afterward. At the end, several research trends of ROI detection
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are given.
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Fig.1 Example of visual attention
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Fig.2 Result of the threshold method using multiple features
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Fig.3 Result of the integration method using single feature
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Fig.4 Result of the hierarchy method of Culhane
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Fig.5 Result of the modified hierarchy method
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Fig.6 Result of the top-down ROI detection
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B i B ROL 51 ARSI AT , R MR AR R4
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