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A New Unsupervised Clustering Method Based on Ontlier Information

Lii Tian-yang, WANG Zheng-xuan, ZUO Wan-li

(College of Computer Science and Technology . Jilin University, Changchun 130012)

Abstract There are various applications of clustering analysis techniques in the field of image retrieval. For the
lack of valuable prior knowledge in the image retrieval process. unsupervised clustering algorithms should be
applied. This paper proposes a new unsupervised clustering method: clustering algorithms will automatically stop
according to the outlier information. This method also complements the shortages of current clustering algorithms
in outlier detection and using. To show its feasibility, the paper proposes several improvements on two classical
clustering algorithms, CURE and ROCK. The empirical results show that by using new method, these two
algorithms can stop automatically and also achieve better performance.
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