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Abstract Multiple facial feature tracking is a challenging problem in computer vision domain. To accurately predict the
positions of facial features’ contours is important but difficult. This paper proposes a multi-cue prediction model based
tracking algorithm. In the prediction model, second order autoregressive process ( ARP) based dynamic model is combined
with graphical model (Bayesian network) based dynamic model. Incorporating ARP’ s quickness into graphical model’ s
accurateness, we obtain the fusion of the prediction. The prediction model and the measurement model are integrated into
the framework of Kalman filter. The experimental results show that our algorithm can accurately track multiple facial
features with various facial expressions.
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Fig. 1 Facial feature contours represented by B-Splines
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