$£10% EHoMW HEE R E %R Vol. 10, No.9
200549 B Journal of Image and Graphics Sep. , 2005

—MEHRNETHZEREH
WX & BRI EE

—1),2) —2) N 3)
B W wR T EHERE
O (hEREREHR AR, LR 100039) D (hEMEREEHRERNEREERE, X 100080)
V(LG FHEF 0, 4LE  100102)

B OE HMEAEAERNUBFEIN P EHYERNSERE, EFME Cany EERBSRAUNZGFRESHNETE
R ST EIB AR BB R | 48 S 7E AL R B B % AR AR 1) A9 3K B8 B AT R B 0 He B S SR AL JE, IS N BT R ik 5
B LB AR, B BRI TS WA DB BB ERXT ERE R # B E, A B8Rt 3x3 &
WOBEBRERN LERBRZEANSRES RGN ELFTRNER, BT T —FHREAN S A5 HH
By ZREAABIESNETRER T BAEEIENERRIAFTRGENEBIRBGEFAATRAR
HABRPABTEHNUS  BRTYEELBEHHEARKHERFEHERN B, LRERRW, ZEETUAEK
M52 3 Y i AR F B o B 3ot 4 E 3k

X@A WHEAE Canny AR MHEHR HEIGSHEN

hEESK S TNI1.73 X#EFIEH. A XHEHFS. 1006-8961(2005)09-1096-09

New Efficient Automatic VOP Segmentation Based
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Abstract On the base of combining change-detection-based segmentation approach and spatial edge information by canny
edge detection, an algorithm is proposed in which local contrast enhancement is applied to improve the contrast between
foreground object and background in the pre-processing stage, and the problem caused by low contrast is solved. A filter
was designed to remove a small quantity of noise caused by contrast enhancement; Then for the complex background, the
algorithm utilizes probability-based classification to accumulate the background information, which it is needed by the
original segmentation algorithm, and consequently realizes the capturing of background information automatically; Finally,
the paper proposed that three situation should be discussed in the process of accumulating background information. The
proposed algorithm is evaluated on several MPEG-4 test sequences and produces promising results.
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