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A Fuzzy Adaptive Gaussian Model Method for Motion Object
Detection in Industrial Field

LIU Xin-hai, FANG Kang-ling, WU Jin
( College of Information Science and Engineering, Wuhan University of Science and Technology, Wuhan 430081)

Abstract A fuzzy adaptive Gaussian model is presented in this paper. The method which is based on the fuzzy characteristic
of image is employed to detect the moving object in the industrial field. Firstly three fuzzy Gaussian models under three main
background states are set up. Then some independent, relatively still regions in the image are chosen to replace the whole
background image in order to reduce the heavy calculation in the on-line detecting. At last, the suitable Fuzzy Gaussian

background model matching current background is determined by fuzzy recognition. The method can not only be adaptive to

environmental transformations but also satisfy the requirement of real-time detecting in the industrial field.
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Fig. 1 Background image under different lighting
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Fig. 2 Relationship among three states
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Fig.3 Adaptive detecting regions in the image
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