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Application of Image Texture Retrieval in Mineral Discrimination
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Abstract The paper depicts mineral discrimination through image texture retrieval. The whole procedure goes like this:
firstly dividing a large image into small window images, whose feature values are then extracted according to cooccurrence
matrices and gray level run length matrices, with the limit of practical computation capability, only one single feature vector

is applied in the classification. As we can see in the paper, a satisfying consequence can be reached when an appropriate
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threshold value can be provided.
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Fig. 1 Texture image in some rock

B2 ETHERIR

Fig.2 Texture model

SYHTET, S N4 ¥ A B R P SR BUARE A, LA
HRREmRREXTARARNOMRAEERA
[FHE R B AT AR IE 4R B ; 3 & 40 B % i & 7 B R
R E R BRFITEE, UEER— S RE, 3%
USRS 1 55 4 AE 35 BE K ER BE T 2 SCA AR D
EHTER, BRFNTEIHRE R,

2.1 HERK

ERFEPERHFTRFINFERERER 9 x1
HARR,EABSHE:F1MTEEAREER
B0 ]MREMEE, F 242 BREBKEBNKE
wE,EI3NFERNKEILIER (gray level
cooccurrence matrices) *? o 15 B iy AU A G5 — B9
B, EEXmF:

=33 M

Kf,e, REKEXRAEEHTE. LAEENTE

B SEXER1], BTFHE 256 ZKEMHILHE

BEX AN AHEHLR RN R KR E &, A 3

¥ 256 JKFE LD 8 BOKE, BPE e xi MR AT

H 5 B ¥4 (histogram equalization ) , R 5 B #1718

BB B R E [0 31 ] A IR Bk 5 R B A

B0, % [32 63]AKBEMET N 1,8 [32xn 32 x

(n+1) -1]MEKREBRS K n(0sn<sT), XHEBRE
BABELBIOHER, HFIEMENEE 6N ER

(FITRKE S 4 B (gray level run length
matrices, GLRLM) 1, 43 B X0 F -

f:i(l’m "DPGL )
ﬂ llv!“YLS‘Y (2)
Z ZP(l,J)
f’ iyi < P(i, j)
fr= = (3
ZP(i,I)
Y PG )
R e 4)
z{ Z{P(l.J)
5 (Eran)
f‘ - ’tsny;‘:-ly 2 (5)
> Y PG,
Y (Xrtn)
fs = S - (6)
(% zran)
o= XY Fa ) = U+ PG, J)
S (Fp - NP, J) (7)
u; :j--'I Tomr
> P i)
Hop L RERCRE, AT ARE L
K
Fom = 7 (8)
el K B8 RH I RRTHABKE:
2 i! P(i, )
_l l!}Y l!Y (9)
¥ Y PG,

i=1 j=1

N RARERE L EAKEHERXGE; - &
RERE, PG, HREBEZREMPFANBEG, HBTE,
MG KETBEEHUTAREX

L=F_ . x Lors (10)
AT RTHE, R 64 RHIKEAME 0°F |t EKE
1772 56 [ ( gray level run length matrices) ,
2.2 WHHESHIE

AFRFTAE KL REDRE 1]A,F



1702 HEER B R

LR 4

BH AT AR AL, BIVHE BT A HEAE 10 B R DAL X R
FRAE 1) B o 9 okl BEBP AT

u
u, o= (11)

norm
u max

o u, RRRERE R AR 0, RARIE R ;
w, ERFEERIERBNBRAE; REHESE
HETARIEm RA TR E, WA B 2 ——1
RTHERTHHIRHEZRMER V.o

M
Vi =Wx 3V, (12)
i=0

ERFV, RANEERPHRBHEE M BEES
BER,WRAEWERE,
2.3 fEAF

S nt, mY ) R K F B S SR 4 AR DLBE , B SR
TR AR B T P A R 1 B B A MO HE AR AE 1)
BHTHE, RERAZREENRERATTE,

S=1|v-Vv,| (12)

H  VERFESLWME,V RREARENS
ZEE, HRENHIRSHETERTESHM
E, MRMUEERE - RETEHN, B2RE
HizmBERENSCEERES S5 BMAM;EN
Ao

MUERENEEDEITT2RTEE; RE%E
KRR, & B AARWERIRHE R,

(a) HTUEBEN 0.2 B K
WAL R

(b) FLIEBES 0.3 B
LEE

EATHRAG LB TR, MUERER 0.4
AFARBENAERHSR, HPEROESR
i X R4 R R, (E AT LA R 4 R AT — 2
93, 3 BT LA TR R R BE 3 O 2 09 1R B4R BOR AT
LR, LA — 5 R R IER IR A&,

3 SEXEIBRER

EAGHER, EENERT EHXEBHNE
& Rk H T 31 B8 (800 x 800Pxiels) &4 AL 2 fF
ARELENER, RARHXLE B E R S0 x
50Pxiels i F B4, 3L 16 x 16 x 31 =7 936 1§, & )5
HX 7936 18T ERBIERMRAE, FFANPIRHB Y
BAEAERNIE FRK.

TR, M BRI PR R 470 B MR
OB TFRGIERGHEAE, FRBUSEE,RE
SRIRBGEAFER, BRI EHEUAERNRER
AR BJE X BT B9 7 936 R iR & F B &H
B 0 B AT IR SR B, ZE 43 I R B PR
T 504 L RRE b o R e R RR ER B B AR
F#ATLR, MUENES FRENRINER KRG
ARG(BEEE EAAE) A RARIEH AR &
HIFFE MECE F BB

B 3 BEUA B AR BLE BB IR B R

(d) AR R{E N 0.5 RE By
WAHGR

() HMPBERMER 0.4 1Tl
PRI R

B3 B[R] AR {0 BE BB R B0 X 1 YR 545 R

Fig.3 Classification results by various threshold values
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