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Abstract This paper presents a pedestrian detection approach using spatial histograms of oriented gradient feature. In order
to detect pedestrians faster and more accurately, histogram similarity and Fisher criterion are employed to measure
discriminability of all features and then we selected some discriminative features to identify the pedestrian. SVM classifier is

constructed to train the selected features from the target and surrounding background. Experimental results show that the

proposed approach is efficient and rapid in pedestrian detection.
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Fig. 1 Two independent features
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Fig. 2 Position of the selected feature
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Fig.3 Curve of three algorithm miss rate/false rate
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