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Abstract In this paper, we improved the external energy of active contour model, proposed a new adaptive segmentation
image model aimed at gray-level image and extended it to the vector value image segmentation. New model couples the fast
edge integration and simply statistical methods. The prior information of regions and boundaries of image has been
considered sufficiently in this model, and different segmentation models can be constructed based on different probability
density function respectively. An instance based Gaussian probability density function has been given in this paper and the
AOS scheme that is efficient and unconditional stable has been used to segment the gray image and the vector values image.
Compared with Fast Edge Integration method, the experiment results show that the new approach is more accurate and
robust and can obtain very good partition.
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(e) AXRML(7=10) (f) FEIZR(7=40) (g) FEIRER(r=40) (h) AXEHFR(r=40) (i) AXBER(r=40)
1 R FREEMBAR 7( =10,40) 6 , FEIMEAXERURMBREE (a=1,=10",y=1,n=10)

Fig.1 The results and the corresponding contours of FEI model and new model for the noisy FA image

with @ =1,8=10"",y =1,n =10 and different of v( =10,40)
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Fig.2 The results and the corresponding contours of FEI model and new model for the noisy bird image

witha=1, =10"",y=1, n=10
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Fig.3 The corresponding segmental contour images of FEI model and the new model for cell image

withe=1,8=10"7,y=1,7=10 and n =6
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