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An Image De-noising Algorithm Based on Coherence Enhancing
Diffusion; Use Wavelet Coefficients to Estimate Image Edge

ZHAOQO Bai-qiu, HUANG Feng-gang, TANG Li-qun
( College of Computer Science and Technology, Harbin Engineering University, Harbin 150001}

Abstract Firstly, this paper analyzed the relationship between coherence enhancing diffusion and wavelet shrinkage.
Then, it interpreted that the interpretation of the coherence enhancing diffusion under wavelet analysis and the equivalency
between coherence enhancing diffusion and wavelet shrinkage in image attribute. Finally, it gave an image de-noising
algorithm of coherence enhancing diffusion, which used wavelet coefficients to estimate the image edge according to the

wavelet’ s time-frequent analysis function. Experimental results showed that the presented diffusion factor can orient image
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edge accurately, and the presented algorithm can reduce the noise effectively.
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Fig.1 The result image of the three algorithms
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