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News Video Story Segmentation Technique: An Overview
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Abstract As a challenging technique, news video story segmentation divides news programs into a series of stories by
statistical techniques or information theory methods. Tt provides the best semantic units for video indexing. According to the
information utilized, this paper gives an overview of the existing methods and classifies them into three categories: the
single-modality approach, the multi-modality fusion approach and the context-based approach. Their relative advantages
and limitations are discussed in detail and segmentation errors are analyzed. In the end, some trends in this field are
introduced.
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Fig.1 The temporal structure of a typical news program
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Fig.3 Various story segmentation models
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Fig.4 A unified approach to content-based audio analysis

for news video segmentation
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Fig.5 Diagram of anchorperson shot detection scheme
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