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An Optimal Two-dimensional Entropic Segmentation Algorithm Based on

Fast Recursion and Search Strategy
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Abstract This paper presents the concept of optimal two-dimensional entropy function at first. Then we presents an undis-

torted fast recursion algorithm and a distorted optimal search strategy. In this way,the proposed algorithm can decrease com-

putational time when it gets the similar image segmentation as traditional algorithm does. Finally we analyze and validate the

algorithm theoretically and experimentally.
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Fig. 1  Flat of plxel gray-neighborhood average gray
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Fig. 2 Optimal search strategy
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Tab.1 Image segmentation and computational time
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