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A FCM Based Image Segmentation Algorithm using Multi-color Components

BU Juan', WANG Xiang-yang'"”’, SUN Yi-feng'
Y (School of Computer and Information Technology, Liaoning Normal University, Dalian 116029 )
2 ( Jiangsu Province Key Laboratory for Computer Information Processing Technology, Soochow University, Suzhou 215006)

Abstract We propose a FCM based image segmentation algorithm using multi-color components. Firstly, the image is
converted from RGB color space to HSI color space, and initial clustering centers of H component and I component are
selected according to the data distribution. Then, the FCM algorithm is performed on the H component and 1 component, and
we can obtain the image pixel membership for H component and I component. Finally, two-dimensional image features are
constructed with the image pixel membership, and the FCM based image segmentation is performed using two-dimensional
image features. Experimental results show that the proposed method is simple and work well for most images, and has better
segmentation effect than the existing FCM color image segmentation.
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Fig.1 The fuzzy membership of color component |
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Fig.2 The fuzzy membership of color component H
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Fig.3 The segmentation result of the two algorithms
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