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Face Extraction Based on Enhanced 2DPCA and Its
Application to Face Recognition
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Abstract In this paper, a two-stage method of image feature extraction, called Enhanced two-dimensional principal
component analysis (2DPCA) , is proposed in this paper, which uses 2DPCA operated in the row direction and alternative
2DPCA operated in column direction. Enhanced 2DPCA can compress image in row and column direction. Enhanced
2DPCA needs fewer coefficients for image representation than 2DPCA does. The experimental results on the ORL and

FERET database show that the Enhanced 2DPCA can work well and surpass two-directional two-dimensional principal

component analysis((2D)*PCA).

Keywords principal component analysis ( PCA), two-dimensional principal component analysis (2DPCA), feature

extraction, face recognition
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