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Video Object Segmentation Based on MAP of Pixel Blocks

LIU Shao-hua, ZHANG Mao-jun, ZHI Li-ding
(School of Information System and Management, National University of Defense Technology, Changsha 410073)

Abstract A video object segmentation method based on MAP ( maximum a posteriori) of pixel blocks is proposed.
Firstly, a reference frame is built from three continuous frames and a pixel block-based difference image is calculated.
Secondly, a pixel block-based difference image is described by Gibbs random field model, the moving object blocks are

detected by MAP. Last, the contour of the moving object is extracted by the snake method. The experiments results show
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that the algorithm can avoid the losing and mistakes with a good speed.
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Fig. 1  Process of video object segmentation

based on MAP of pixel blocks
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Fig. 2 Segmentation of video object blocks and

detection of false boundary blocks
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