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Age Automation Estimation Based on A
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Abstract Automatic age estimation based on facial images is an important research trend of face recognition. Here we
proposed an independent component analysis method based on winner-take-all( WTA ) rule to realize the age estimation task.
Firstly, applying the PCA method to reduce the dimensions of original training data; then, using the proposed WTA-ICA

coefficient sparse description method to extract the feature. Finally, the experimental results on the FG-NET Aging database

indicate that the proposed method can estimate people’s age based on the face images well.
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Fig. 2 Results using PCA and WTA-ICA
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AERYIRZE(F) 1 2 3 4 5 6 7 8 9 10
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WTA-ICA PCA90%  0.12068 0.223 11 0.33602 0.43554 0.50870 0.574 11 0.640 54 0.682 11 0.71971  0.762 18
PCA95%  0.12086 0.23020 0.34891 0.45871 0.5269 0.608 83 0.65931 0.6967 0.73173 0.767 63
84% 0.071 14 0.146 95 0.23523 0.30228 0.37997 0.44185 0.51386 0.58518 0.65629 0.714 51
) 88% 0.088 63 0.17285 0.25676 0.329 69 0.416 36 0.484 92 0.559 97 0.627 13 0.689 94  0.734 44
el 90% 0.086 23 0.18549 0.286 13 0.369 89 0.459 01 0.53473 0.603 66 0.663 86 0.72248  0.750 32
92% 0.102 56 0.209 88 0.296 91 0.395 86 0.479 68 0.548 54 0.622 64 0.674 69 0.711 16  0.751 41
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