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An Infom ation Fusion and R ecognition M ethod for Color Face Im ages

HUANG X iachua WANG Chunmaq ZHENG W enm ing
(K ey Laboraiory of Child D evelopment and Learning Science M inistry of Education, Souwtheast University, N anjing, 210096 )

Abstract In this paper a face recognition method which utilizes an mfomation fusion for color inages and supervised
neighbor preserving enbedding is presented for m proving the perfom ance of face recognition. First Gabor transfom ation
is used to extract mfom ation per channel of color mage respectively and then canonical correlation analysis is utilized to
fuse extracted G abor features. Supervised neighbor preserving enbedding is used to reduce din ensionality. Fially nearest
neighbor classifier is used to classify reduced feamres. Experments are carried on XM 2VTS and FRAV2D color face
databases and utilize principal canponent analysis linear discrin mant analysis and supervised neighbor preserving
anbedding to reduce dinensionality of Gabor features on gray method and multrchannel feature fusion method. These
results show that the canbmation of multrchannel infom ation fusion and supervised neighbor preserving enbedding can
mprove the perfom ance of recognition systen.
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