FH14E Fi12
2009 4 12 A

B R DR 4k

Journal of Image and Graphics

EFRESANMEEHRNERERS %

R XFEFE O OHRE F R

(FEBEEARRER T TRSFARER, G 230027)

OB R BA R B AR M0 3E T AN AE B (unequal cardinality) LGP A4 50 58 4180 R0 52 91, 2 i 4
1 OB B SE R AL BR B . K RRAE AR I A R — W B 5 A A R AR AR R A B S A Y R 2
SRR AT o SRS TR X P 2 03 R B PR O T BT AR AT A RN B 52 SURR (R A% pR T
LA 1 3 B B 52 4 fiF s 4 22 18] 19 Ja) 8 4 137 ( partial corresponding) 5¢ & , HA 5 R IE sl BUR MR R M IR, H
SRR B o K A% PR IR A R TR BRI 2 S S AT AR B A 23 26, O 5 A 1 R B D AR HEAT LA, 52
B 5 SRR WY L 1) A AR Y 45 R R B RE AR AT B Y A 2R PR RE o

KGR RS WAL JRERICAC  SCREm AL

hEESES: TP391. 41 XEkRIRAD: A NEHS: 1006-8961(2009)12-2545-07

Density-guided Tree-structured Kernel for Image Object Classification

CHEN Hai-lin, WU Xiu-qing, HU Jun-hua, LI Bin
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Abstract Density-guided tree-structured kernel is proposed for the situation that the learning algorithm is not fit well for
instances consisting of unordered feature sets with unequal cardinality. The feature set is automatically decomposed into a
tree, and two feature sets are embedded into this tree to form two multi-resolution histograms, and then the histogram
intersection, weighted by the density of feature points in common nodes from two multi-resolution histograms, is computed.
The partial correspondences between feature sets can be determined automatically through this kernel, its computation is
linear with the number of features, and it is positive-define. This kernel is embedded into kernel based discriminative

classifier for image object classification, and compared with vocabulary-guided pyramid match kernel. The experiments

Vol. 14, No. 12
Dec. , 2009

show that the density-guided tree-structured kernel can obtain the better classification performance.

Keywords feature sets, tree structure, partial matching, support vector machine
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