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A New Approach to Moving Cast Shadow
Removal in Video Segmentation

HAN Zhong-min' |, LIU Zhi"* | ZHANG Zhao-yang"”’, LU Yu"

Y (School of Communication and Information Engineering, Shanghai University, Shanghai 200072)
2 (Key Laboratory of Advanced Display and System Application, Ministry of Education, Shanghai University, Shanghai 200072)

Abstract This paper proposes a new approach to moving cast shadow removal based on chromaticity, intensity and the
edge information. Based on kernel density estimation and edge information of the input frame, an initial moving object mask
and the corresponding edge of moving objects are obtained. Then a potential shadow region is obtained by extracting
chromaticity and intensity information from the input frame. Finally, the moving cast shadow region is detected and then
removed using region growing method. Experimental results demonstrate the good performance of moving cast shadow
removal of the proposed approach.

Keywords moving cast shadow removal, region growing, video segmentation
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Fig. 1  Algorithm block diagram
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Fig. 2 Illustration of moving cast shadow removal
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Fig. 3 Segmentation results of campus video
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Fig. 4 Segmentation results of subway station video
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