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The Effect of the Size of Training Sample on Classification Accuracy
in Object-oriented Image Analysis
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Abstract As opposed to per-pixel classification, the selection of training samples is different in object-oriented method.
Based on statistical theory, the number of training samples required in object-oriented classification is studied in this paper.
First, feature space analysis of images is implemented in object-oriented classification, which shows that the number of
training samples needed for object-oriented classification is much less than that in per-pixel classification. Then, an

experiment of remote sensing image classification is carried out to verify the authenticity based on the relations between

samples and bands.
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Fig.2 Variation curves of woodland class accuracy with the number of samples
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Fig.3 Variation curves of grassland class accuracy with the number of samples
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Fig.4 Variation curves of impervious class accuracy with the number of samples
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Fig.5 Variation curves of waterbody class accuracy with the number of samples
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