5% 10 SRECICE SIS Vol. 15, No. 10
2010 4£ 10 A Journal of Image and Graphics Oct. , 2010

MEESHES: TPI51.1 XHFEEB: A XEHS: 1006-8961(2010)10-1478-07
RIMER: BB, BET, B, W S aRAURK. 3T X (8 22 030 G AR P 09 4 i S (R B [ ]
o P 4 B 25 48,2010, 15 (10) :1478-1484

ETHERBNLIZEGENERERME R 3

> 1) = 1) - 1) 2) 3)
ERZ,E2EFRF,EFEmE O, KA
D CRECTA R T BB BBl 243002) 2 (AR AT LA R Sh B S 250101)
O CRECT ALK A R R TR Bl 243002)

O AR BAER PO AU R BRI T — R g A M RS R B R AR e A RR A H . X
T35 e TR RS AR ZE 00 i S A B R 0 % A R U T 4 0 A RS Bk o 0 LA R B, X AR A A T Y SR A S
AT AL, LR v A 50 W00 0 o 0 2 5 SR DA TR 1 139 0 Ot % 1] o AT 2 AR, S B4R e W S EIR w0 25 0 05 th 1
TR 4y B v = A o 2 B R, BT AR R 2H 40 DX ok o B PR OHGE a s BHE RR X B A R R R R
BIH R & A &0, 6 I A RG24 1 45 e DX, 352 0 R W e ¢ 4 o 230 3R WD 3% 7 Wk RR 8 5 3000 43 1 oL £
R S R TR DG4 22U 43 XU, O #5564 2R RGBS TR0 32 44 Tl SR AR 40

KR ROV AL,; BMEG; WEMB,; B5EERE; SUEEEG BEIR G

Coke micrograph segmentation based on mean shift and edge confidence
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Abstract: In view of characteristics for coke optical texture in micrograph, a segmentation algorithm,combining mean shift
and edge confidence, is proposed. Firstly, the edge confidence of image pixels is calculated. With the edge confidence,
the weighting function of mean shift algorithm is computed. The sampling points of feature space are weighted in order to
improve the accuracy of detected modes. Secondly, coke optical texture is segmented preliminarily by iterating the weighted
mean shift vector. Because that the number of clusters in initial segmentation is larger than that of the actual clusters, which
may result in over-segmentation, combining conditions are set by the spatial distance and the average value of the edge
confidence, which are used to combine regions of homogenous texture. The coke optical texture is finally segmented with the
new combining conditions. Experimental results show that with the proposed algorithm the segmentation among different optical
textures of coke is reasonable and effective, which offers a reliable foundation for the recognition of coke optical texture.
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Fig.1 Path diagram of mean shift algorithm
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Fig.2 Definition diagram of edge confidence
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Fig.3 The pn — diagrams of coke image pixels
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Fig.4 Different segmentation procedures of coke images
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Fig.5 Segmentation results of some typical coke images
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