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Human tracking method under occlusion with two cameras

Zhang Li", Yu Haibin®
' (School of Computer Science, Hangzhou Dianzi University, Hangzhou 310018 China)
2) (School of Electronic & Information, Hangzhou Dianzi University, Hangzhou 310018 China)

Abstract: The cameras in this study are used to extend view field. The paper proposed a three-dimensional information
based human tracking method. The method firstly samples the pixels within the human body in one of the video images, and
then finds the matching points in the other simultaneous video images by polar line constraints. The three-dimensional
points in space corresponding to each pair of the matches are obtained by triangulation and are also clustered. The pixels in
the image plane corresponding to each clustering region which includes the three-dimensional points are decided. Finally,
Gaussian-smoothing histograms are created based on the pixels in the image plane. Occluded people would be divided into
each other by the Gaussian-smoothing histograms. The matching relation of each person in different cameras could be found
and thus the human tracking is realized. Experimental results show the efficiency of the method.
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Fig. 1  Flowchart of human tracking algorithm under occlusion

with two cameras
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Fig. 6 Model of Gaussian smoothing two dimensional histogram
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