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Objection classification via matting technique
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Abstract; This paper presents a novel method for recognizing object categories. In this method, matting technique is

applied to estimate foreground distribution information, which provides weights for image blocks. Blocks describing

foreground are given higher weights, while blocks describing background are given lower weights, then all the blocks are

sorted according to the assigned weight. We also conducted imagery comparison study. First of all, distances between blocks

with corresponding weights are evaluated, and then the similarity between images can be obtained through adding all the

distances between blocks by weights. Experiments on challenging object categorization image sets demonstrate the

effectiveness of this method.
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Fig.1 Foreground distribution
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Fig.2  Flowchart for proposed method
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Fig.3  Spectral matting

— MR AR (K 3(a)), HEg—1T R R

MHERFT LA K ANERR FLLF o PR PEdl &
FoR
I = >)d'F! (2)

AR o' WA kA EURZ LT AR SR
B ol (T AR A HROR T O kAR X RS G
SIRBITTARR WA 3 () Bron . SCHRLT JIER, 4
( Sin NSO VALER PN ARG RTATE ¢ ey
MLt oKk L (i) % LR

1 T
- ——1 1 -
m('jz)ew,,(a” lw, | ( + M")
(3)
(Eq+

o) e )

X, 2 23 x3 W ZH I p, 2 3 x 1 4130
) & 12 3 x 3 A7 46 5, 8,4 Kronecker
BT Iw, 1 g ABECE N IR R A OCT
K (3) HIRAM I, AT 2% k[T ],
TR A kIR o' k=12, K 5,18
BH A o e TR R i W E R SR
AR IR N
a =o'+ e+ a (4)
E SR BB T (@) = a' La, %5 52 iT A T RE Y
s 2o ES RN R BRI — 2K R
G o E KB RAT R)Z 0 RES, HAE
K3 (c) W ZLHERR 1, B (8 mT LA 2] 5] 3 (b) /Y
AR

FE TSR AR TH I ) — AR, R AR m AR
i B LR S AR SRR G R I AT AR T 6 A 4
AR N N BUR B RT - 45 0 — IR A B i
MR A, HIZAR R 4 x4 S84 Fr A 42 E H kL
SEBE A o Bk a2k AR T B 5 4 ek B R R
PRIk ARSCTEIERBEIRIKAR TR R AL B
B SIS IE S, B A A RS IR R G
TR P S T 2
1.1.2 EGHAUETE
i R AR AR B R MR R A E
WIS, RS R 23 o N A B R /DN B B AR e,
FEA MR B N5 R S AN S W M w, 0, ,
w ER A AR B BUE, & CBUE B R B E R
W, B/MER w WD EUE w H—1k
W)= e (5)
1.2 EGHR4FERR
AR SCSCBLT W RS F R, B
M SIFTY |
TE B8 R R T 9 S2 B eR R TS G E
IR AE P AN A AR E IR EE T A HR A5 2 1Y, o IR A% 1 Bl
KRR PH S A 3 M T B, Sl T R AR O B
B 520, FRATHE R %t RGB B £, 23 6] # 4 5] YCbCr
gitazs ), HeE I 1102 45 43 8oy Bl MG Xl 4y
JNAFH R EG Bi R A 3 A A
3 3E A — 4 (mean ) | B A (variance ) 1 = B &
AR 2 N A E R S, B A E R B
9 £k 1 (0 4 1] i R R
AST) 4% G2 149 S K ) ) 3508 A (L a5 P X A {1 o 42
W SIFT $EAF 9 J7 3 (IR FR 2 Aot SIFT) , %
How SIFT FGHRAE " . 75 BI% b, 45 6] B M 0k 95 b
ZIK o, N BT AR AR s AR R SIFT KA, AR 4l R AE 4855
VO K SR T A SIFT 4R AE 3R 2K F
200 By, HE MR L2 4y Hor B B L R

( skewness)

L EAT R — AT EREAR SR SIFT 4#1E, /i b 18
B N A EUGR 54 UG B 200 4% SIFT £ 7 &
RN o

1.3 BE&EHNFHEUETE

iy A — M G, AR 4l AR BB R R 3 /N X ]
G Y Y, ERRFEAE 0] DL 3R R Ry R B R AE 5
HOXE AU B 2 A, T AL 4 FiR .



1048 hEE4EIE2R www. cjig. en

%16 &

FRAESRAL
{EHEF

B4 EBURRAE R IR vk

Fig.4 Image feature representation
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Fig.5 Images from the flower category dataset
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Fig.6  Descriptors comparison
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Fig.7 Recall-precision curve for color moments
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Fig.8 Recall-precision curve for dense SIFT
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Fig. 9  Confusion matrix for color moments
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