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Detecting salient objects based on spectral residual and multi-resolution

Liu Juanni'’ , Peng Jinye'', Li Daxiang'’, Wang Ping”’
V' (College of Information Science and Technology, Northwest University, Xi‘an 710127 China)
2 (The 63628th Troops of People’ s Liberation Army, Beijing 101601 China)

Abstract; According to the characteristics of human visual system, a salient object detection method based on spectral
residual and multi-resolution is proposed. We first compute the spectral residual of three features i. e. intensity, color and
orientation under different scales to build a series of multi-resolution saliency maps, which can be combined through linear
interpolation to generate three feature-saliency maps. Then we use k-means clustering for binary clustering and select the
feature-saliency map with the largest distance between two centroids. Finally we apply dynamic threshold segmentation to

get salient regions in an image. The experimental results on natural images show that the new algorithm is stable and

practical, and we achieve satisfied results.
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Fig. 1  Fourier spectrum curve of natural image
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Fig.2 An example of image feature selection
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Fig.3 Saliency maps at different resolution
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