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Study on M echanisn of Particle Filter Based Track-before-detect
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Abstract Particle filter based track-before-detect (PF-TBD) is an active research topic on detection and tracking for din
targets n sequential frane mages currently W hereas there is absent of study on mechanisn of PF-TBD i existing work the
principle of TBD which is based on cumulative m easurem ent lkelhood ratio to detect din targets is analyzed n Bayesian
inference franework The course of detection and tracking of din targets using Bayesian TBD which is based on recursively
cumu late m easurem ents is educed and the mechanism which realizes it by unnomalized particles’ weights in particle filter

processing is analyzed and confimed m theory A PF-TBD algoritm is presented based on this mechanism. Siulation

results show that the analysis is valid and PF-TBD algoritm n this paper is efficient
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