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Fast moving object detection method using temporal-spatial
background model

Chen Mingsheng, Liang Guangming, Sun Jixiang, Liu Donghua, Zhao Jian

( Electronic Engineering and science technology college, national university of defense technology,changsha 410073 China)

Abstract: Moving objects extraction is a key part of video surveillance system. To improve the performance of moving
objects detection method based on the Gaussian Mixture Model (GMM ), an iterative detection algorithm with adaptive
partitioning block of pixels is proposed. It is based on the temporal-spatial background that the number of components is
improved adaptively and the feature of areas extracted spatially is combined. With the spatial areas information, the
algorithm decreases the number of small fake objects and reduces the fragmentation of objects that caused by all kinds of
noise. Comparing with detection method based on single pixel, the proposed method would not almost impact the detected
results when it reduces the algorithm computation obviously. The results show that the objects extracted by the proposed
method with higher SNR and the processing time decreases 22% contrasting to traditional algorithm.
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Fig. 1 Detection based on adaptive partitioning block of pixels
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