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Fuzzy C-means image classification algorithm based on SSCL

Li Weiwei, Liu Chunping, Wang Zhaohui, Zhang Shukui
( Department of Computer Science and Technology, Soochow University, Suzhou 215006 China)

Abstract: An adaptive fuzzy C-means image classification algorithm based on SSCL is proposed, in order to overcome the
shortcomings that traditional fuzzy C-means clustering algorithm is noise-sensitive and relies excessively on initial cluster
centers. First we obtain the cluster centers using SSCL, then treat the cluster centers as the initial value of fuzzy C-means,
so an adaptive image classification can be achieved. At last, post processing is implemented using space information.
Experiment results show that proposed algorithm is less sensitive to noise and initial cluster centers in FCM method, and has
better classification accuracy.
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Fig.1 Segment results of unnoisy MRI image
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Fig.3 Segment results of Gaussian noise MRI image
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Fig.4 Segment results of salt and pepper noise MRI image
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