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Retrieval technology research of calcification lesions in mammography

Chang Ruifeng, Song Lixin
(Electric & Electronic Engineering College, Harbin University of Science and Technology, Harbin 150080 China)

Abstract: This research aims to assist doctors to detect micro-calcifications. In connection with the similar lesions retrieval
problem of micro-calcification cluster in mammography, we develop a new algorithm with multi-feature fusion and relevance
feedback based on the study of single feature and feature fusion using single distance measure image retrieving techniques,
this method adopts multi-distance measure to calculate the similarity directing at different features. Experiment is based on
mammography image database which contain 250 mammography images and each image contains calcification cluster, we
verified the retrieval performance by the precision-recall ratio ( PVR) of single feature, feature fusion and relevance
feedback. Experimental results show that the method has a better retrieval result than these methods which are single feature
and feature fusion based using single distance measurement.

Keywords: mammography image; calcification lesions; content-based image retrieval ; feature fusion; relevance feedback;
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Fig.1 The retrieval result based on texture feature
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Fig.2 The retrieval result based on shape feature
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Fig.3 The retrieval result based on single distance measure feature fusion
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Fig.4 The retrieval result based on multi-distance measure feature fusion
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Fig.5 The retrieval result based on feature fusion using multi-distance and relevance feedback
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Fig.6 PVR curves of different retrieval methods
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Fig.7 The average precision of different feedback times
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