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Visual attention model VAMALI for adult image detection
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Abstract: Content-based adult image detection is an effective approach of filtering objectionable information proliferating on
the Internet. However, the false positive is high for adult image detection based on global features; and the detection speed
is low for adult image detection based on bag-of-visual-words ( BoW ) models. To detect adult images rapidly and
accurately, we propose a novel method which includes three steps. First, we present VAMAI, the abbreviation of visual
attention model for adult images, specialized in capturing the region of interest (ROI). VAMAI integrates saliency map
model, skin-color model and face detection model to obtain ROI more precisely than ever before. Second, a codebook
algorithm based on ROI and SURF ( speeded up robust features) is proposed to improve the speed and the accuracy of BoW
based adult image detection. Furthermore, we select color moments as the global feature after evaluating some commonly-
used global features. Then we use “late fusion” to combine the results of color moments and BoW which are classified by
supported vector machines. Experiments show that VAMALI is able to detect ROI precisely and our method can remarkably
improve the performance of adult image detection in terms of speed and accuracy.
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SIFT-Whole 1626 682 2308
SURF-Whole 390 779 1169
SURF-Skin 390 670 1060
SURF-VAMAI 390 698 1088
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