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Recursive spatiotemporal subspace learning for gait recognition

Hu Rong, Wang Hongyuan
( Digital Video and Communication Center, College of Electronic and Information

Huazhong University of Science and Technology, Wuhan 430074 China)

Abstract: A gait recognition method based on spatiotemporal feature extraction is proposed. Recursive subspace learning is
used to extract both time and space feature of gait. In the first subspace learning, the periodic dynamic feature of gait is
extracted by principal component analysis and sequence data is represented in the periodicity feature vector form. In the
second subspace learning, principal component analysis plus linear discriminant analysis are applied to the oeriodicity
feature vector representation of gait and sequence data is compressed into gait feature vector. gait feature vector is an
effective representation because it contains both human dynamic and shape feature. Experimental result on the USF gait
database shows that the proposed method achieves highly competitive performance with respect to other published gait
recognition approaches.
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Fig. 1 The framework of gait recognition to extract gait feature data
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Fig.2 Illustration for silhouette alignment
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Fig.3 Gait energy image versus gait PFV representation

FIrh T LUE B0 PRV IR UM & 1 28 5 540 3R
A [a] 6420 25 T S PR R AR, T GET A A 35 240 25 19 4%

NN

HBH® o

23 [ ZEE 2

Rz
D1

D3

23[R 4B 1

Kl 4 XF PEV 25 4 50h 19 28 AR &

Fig.4 An explanation of dimensions of PFV representation
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