wlek FH11W T E B £ BB 4R Vol. 16, No. 11
2011 411 H Journal of Image and Graphics Nov. , 2011

HEES LS, TPI91  XEARERS: A XEHS: 1006-8961(2011)11-2009-08
WX RSIMER A0, TR R EFE. 1 mE sl F AR 2 R R kR (1], v B B R EDE 24, 2011,16 (11)
2009-2016

bt L LA o o A =Rk o

W, F T, REE

(EBRFEBOR I EILR TR S B 3k #Be, Kb 410073)

B B s sl RIeEeR, BRI P s Sl S 08 B R 6 B -9 B OGRS R T R
SR B S UG A AT R GERAWITE o TR A BT Ik B SR 1, B2 0 7 — Rl & R R 7 65 B 9K 3l Y
PRk BT, IR Y BOK B SOETR TR, SRR TR 2 RO TH SRR ST 45 i 1 AR I 0 D 1 20 D7 AR K
(EITR 75 o ST 5 X HESE R4 R B, X R e+ 5 vk BEAT ROE IR A D7 AR MU 3l GO RSB A B, T I
i 220 im S i 2% P e BT SORE

REIA: LU 3E Bh 0 H s PTHGK R s W o3 J7

Variational optical flow computation towards motion segmentation

Dai Bin, Fang Yuqiang, Song Jinze
(School of Mechatronic Engineering and Automation, National University of Defense Technology, Changsha 410073 China)

Abstract: Aiming at the problem of preserving the discontinuities in optical flow field for motion segmentation, a
meaningful research has been done. The key of the research focuses on the improvement of the diffusion tensor in reaction-
diffusion model. By analyzing the existing methods, we proposed a new method which design diffusion tensor by joint
image- & flow- driven. Furthermore an efficient coarse-to-fine numerical scheme about the partial differential equation has
been present at the same time. our experiments proved that our proposed approach can effectively overcome the motion blur
problem of other methods while and preserving the discontinuities in the optic flow field more accurately.

Keywords : optical flow; motion segmentation; diffusion tensor; partial differential equations
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