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Foreground detection based on unsupervised background clustering

JIANG Peng, QIN Xiaolin
( Department of Computer Science and Technology, Nanjing University of Aeronautics and Astronautics, Nanjing 210016)

Abstract: A statistical background subtraction technique is proposed based on clustering of temporal color/intensity. An

un-supervised clustering method is proposed to model a background with serial of clusters. The unimodal or multimodal

distributions of background are detected adaptively. We use a Gaussians model to simulate each cluster which prevents the

estimation the parameter of mix of Gaussians model. The foreground will be detected by comparing the background

possibility with a threshold. Experimental results show our approach has equal or better segmentation performance and is

proved capable of real-time processing.
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Fig.1 Example of background modal number distribution map
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Fig.2 The comparison results of different methods
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