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Non-rigid object tracking based on active basis model

Zhao Xiaolin, Wu Hui, Sun Liguo, Zhang Li

( Department of Electronic Engineering, Tsinghua University, Betjing 100084 China)

Abstract: Recently, as a difficult problem in video object tracking non- rigid object tracking has received much more
attention. To track non-rigid objects exactly and solve the problem caused by shape deformation, this paper proposes a non-
rigid object tracking algorithm based on active basis model. Firstly, the object active basis model was learned from the
training set using a shared sketch algorithm. Secondly, the learned active model is embedded in a particle filter. The

experimental results show that our algorithm is more robust than other methods when non-rigid object has shape deformation

and occlusion happens.
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Fig.1 The learned fish active basis model
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Fig.3 The 30 training images are 144 x 64 (height x width) and the right part of the training image is

the corresponding learned active basis models
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Fig.4 The fish tracking results using our method
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Fig.5 The fish tracking results using HPF!'! algorithm
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Fig.7 The penguin tracking results using our algorithm
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Fig.8 The penguin tracking results using HPF!'"’
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Tab.1 Tracking results in fish and penguin sequences
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