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Extraction of color semantic feature and application in image classification

Jia Yu, Feng Zhiyong, Chen Zhihong, Yu Yongxin
(School of Computer Science & Technology, Tianjin University , Tianjin 300072 China )

Abstract: Aiming at overcoming the semantic gap between low-level features and high-level semantic concepts of images
and to improve the precision of image classification, we propose an approach to construct a color semantic feature to map
low-level features to semantically meaningful categories. Color features are extracted first and then a semantic network

containing a set of color concepts and related objects is build. Finally,a color semantic 3-tuple is being constructed. The

proposed method can not only get better results in image classification, but is also more robust.
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Fig. 1 Image semantic hierarchical model
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Fig.2  Overall structure chart
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Tab.3 Color semantic class example
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Tab.4 Image classification themes
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Fig. 6 Classification result
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