1ok H10H
2011 4£ 10 A

[ R e 4l

Journal of Image and Graphics

Vol. 16, No. 10
Oct. , 2011

HEESHES: TP391.41 SRR SRS : A

XEHE: 100318-8961(2011)10-1812-06

WXRSMER M, AR, ZET R 2 AR Curvelet B B X SC BRI 20 %) [T ]. PR R EIE 40, 2011,16(10) : 1812-1817

T 2 41X Curvelet B JE BB KX o2 R [E 5 &
e

(BRPGRHERE R G B T RSB, V% 710021)

8 B AUrSrEER R o R R P A e S P (AR PR AN LS S B A A SO BB T . O, i
AR A VRG34 30 3, XoF 45 T 1) PR AR T AR R AR e 3 B AR MR s SR, PSR RS 5 1 o 4% 3 T AL
PEGEAT 1A T8 10 SRS, R B 44380 10 ) 78 S5 35 i , 0T ST A 3 90 i 199 VT A A A (0 5k I o Y 0 i i
T ZITIEATT B E IR AT DU RS E L 3 2 D ARPI L B, R e ARk R 5 i R AR
SR EFRYE . Gl id MATLAB JEA7 05 BSLH 0k 1207 15 A 3k

REEIA: SCHIRH s IR U S HEA

Unsupervised defects segmentation of texture based on
second-generation curvelet

Li Jian,Niu Zhenshan
(College of Electricity and Information Engineering , Shaanxi University of Science and Technology,Xi’an 710021 China)

Abstract: For the problem of texture defects segmentation, a new texture image segmentation approach based on the Mean
Shift theory combined with the Curvelet transform is proposed. First, a Curvelet transform is used to decompose the image to
each channel. Secondly, each channel’s feature image derived from non-linear transformation is adaptively clustered to find
the singular points using Mean Shift. Finally, the filtered images of all channels are reconstructed to make defects
prominent, and the binary image is obtained by a threshold. In this paper, a learning sample is not needed and the multi-
objects boundary is located fast and accurately. This method is robust against rotation, brightness changing, noise, and
weak boundaries. The effectiveness of the method is verified by MATLAB simulation experiments.
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Prominent images and binary images of various

textured defects
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Fig.2 Results of defect segmentation on

FCM or KFCM
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Fig. 3

Effect of illumination, noise, rotation on defecting performance
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Fig.4 Results of defect segmentation on level set
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