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Motion data compression using sparse representation

Qi Tian, Xiao Jun, Zhuang Yueting
College of Computer Science and Technology, Zhejiang University, Hangzhou 310027, China

Abstract: As motion capture data is widely used nowadays, the compression of motion data becomes more and more impor-
tant. In this paper, a sparse representation based approach is proposed for efficient compression of human motion data. A
new algorithm is designed to extract the dictionary from an input motion clip automatically. Each frame of a motion clip can
be represented by a sparse linear combination of the dictionary vectors. The experimental results show that our method can
get a high compression ratio (about 50 times) for general short motion data, with a limited reconstruction error, which is
hard to visually distinguish ( ARMS error less than 2.0).

Key words: motion data compression; sparse representation; dictionary; compression ratio; overall error
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