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Sparse representation method of vehicle recognition in complex traffic scenes

Li Xiuzhi', Wu Jian"*, Cui Zhiming'**, Chen Jianming'**
1. The Institute of Intelligent Information Processing and Application ,Soochow University , Suzhou 215006 , China ;
2. Jiangsu Yihe Technology Co. ,Ltd. ,Suzhou 215002, China

Abstract: For intelligent transportation systems, vehicle recognition in complex traffic scenes is a key issue. In this
article, a novel scheme using ( HOG) features and sparse representation target recognition for vehicle recognition in
complex traffic scenes is proposed. Our method uses the HOG to extract features from samples and candidate targets, and
then wses trained samples as an overcomplete dictionary based on sparse representation. Finally, candidate targets are
recognized by computing sparsity and reconstruction residuals in the dictionary. Experiment results show that the proposed
scheme provides higher recognition preciseness in real time, even in complex traffic scenes such containing occlusion and a
large variety of target classes.
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