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Expanded order co-occurrence matrix to differentiate between coal and

gangue based on interval grayscale compression

Yu Guofang

College of Information and Electronic Engineering, China University of Mining and Technology, Xuzhou 221116, China

Abstract; In order to play the role of co-occurrence matrix inertia in the analysis and retrieval of image texture efficient-

ly, a new expanded order co-occurrence matrix inertia based on interval grayscale compression is studied. One part of the
co-occurrence matrix inertia

grayscale information of the original image is compressed and another is retained in this integrated approach. The uncom-

51

|13

pressed grayscale information is extracted by an order expansion of the matrix. The effects of the grayscale information are
used randomly. Experimental results show that the algorithm differentiaties the target types better than the conventional
propriate distinction threshold is easier to set and faster.

co-occurrence matrix based algorithms. More than 82% of the objects are differentiated correctly, and the methods ap-

Key words: distinction between lump coal and gangue; image texture; interval grayscale compression; expanded order
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Table 2 Gray level co-occurrence matrix inertia

of global sample
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Table 4 Correct rates of different distinguishing methods

for lump coal and gangue samples
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