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Person re-identification based on multi-features

Fan Caixia, Zhu Hong, Lin Guangfeng, Luo Lei
Xi'an University of Technology, Xi'an 710048, China

Abstract: In non-overlapping multi-camera surveillance systems person re-identification is one of the main issues. Aiming
for person re-identification useing statistical properties of the objects and features by training, we propose a method by com-
bining global and local features to identify the same person in different images. This method does not need a training phase,
and it is robust to different viewpoints, illumination changes, and varying poses. First, the object is recognized roughly by
spatiograms. Then the human target is divided into three parts. By ignoring the head part, the local color and shape fea-
tures of the main body, the arms and the legs are extracted. Thus, the recognition of the person is carried out according to
the Earth movers distance of the local features. The experimental results show that the proposed method has a higher accu-
racy rate, and it is invariant to the effects of occlusion and background adhesion.

Key words: non-overlapping multi-cameras; person re-identification; spatiograms; local features
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Fig.1  Object segmentation results
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Fig.2 The experimental results of VIPeR datasets
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