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Regional segmentation of natural scene color
images by integrating edge cues

Dai Qinling'”, Wang Leiguang’, Hong Liang*
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2. School of Printing and Packaging, Wuhan University, Wuhan 430079, China;
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4. College of Tourism and Geography Science, Yunnan Normal University, Kunming 650500, China

Abstract: A regional segmentation algorithm for nature sense images is presented in this paper. The method integrates two
local edge cues and aims to reply the inadequacy in single visual cue based methods. Firstly, the logistic regression model
is trained by 200 color images and the regression relationship between edge cues and image object boundary is established.
Then, the model is employed to predict the boundary confidence of every pixel. Finally, the confidence functions are inte-
grated into the procedure of mean shift segmentation by calculating the adaptive variable weights. Both quantitative and vi-
sual inspections operated in about 20 images show that the algorithm has better performance in suppressing over-segmenta-
tion and under-segmentation, and tightly localizing the boundaries.

Key words: region segmentation; nature scene image; edge detection; mean shift
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Table 1 Comparison of mean shift results with

different segmentation parameters
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Fig.3 A comparsion of segmentation results from
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