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Bimodal emotion recognition based on
body gesture and facial expression

Yan Jingjie', Zheng Wenming”, Xin Minghai®, Qiu Wei’
1. School of Information Science and Engineering, Southeast University, Nanjing 210096, China
2. Research Center for Learning Science, Southeast University , Nanjing 210096, China

Abstract: Multimodal emotion recognition has been a very important research topic in affect computing. This paper mainly
focuses on the methods of bimodal emotion recognition based on body gesture and facial expression and presents a new
bimodal emotion recognition method based on bilateral sparse partial least squares (BSPLS) . First, the spatio-temporal
feature is extracted as the emotion feature vector for video-based body gesture and facial expression respectively. Then we
propose a new bilateral sparse partial least squares ( BSPLS) method to extract emotion feature and fuse facial expression
and body gestures as new emotion feature. Finally, we use two classifiers in emotional classification. We compared the
BSPLS method with some subspace methods including PCA, CCA and PLSR based on the data from the FABO database.
The experimental results show that the fusion feature methods are all better than the monomodal emotion recognition and our
BSPLS feature fusion provides the best recognition performance.

Key words: body gesture; facial expression; bimodal emotion recognition; spatio-temporal feature; bilateral sparse partial

least squares (BSPLS)
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Fig. 1 Examples of spatio-temporal features extracted

from the body gesture samples
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Fig.2 Examples of spatio-temporal features extracted from

the facial expression samples
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Table 1 The average recognition rate of facial expression

and body gesture using the SVM classifier
and the KNN classifier
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