n1A
U i
-WOL.19

JOURNAL OF IMAGE AND GRAPHICS



BEETER 361

B195%30 (25E2158))
2014438 16H

FRENSmEHLEATY
FEEFFRZINEFZEAREAT
FRERHS % ORI

hRAFSER
R ( PEERERZR ) 1255, 1930
HRBESTIMiER CNKIF S 21E
EEthhR, PRTUEICERSE(ERAR
%1%, ATUERFEE R0 ERE
H, FERS, REIFA, FEHEHE%
AR5

Copyright

All rights reserved by Journal of
Image and Graphics, Institute
of Remote Sensing and Digital
Earth, CAS. The content
(including but not limited text,
photo, etc) published in this
journal is for non—-commercial
use.

PR DL DA FH

FleMF: Rt ‘ BT (19965F61F) )

FERN PERER

EHEN PERFRERSHFIEIATT
TEERERFFS
JERN ARSI EHF R

T /=X

HIEEIR (TEERERFR) BELRERS
HRBYSFE JLZ=O718(548

HR 4% 100101

BFEM jig@irsa.ac.cn

z:} i& 010-64807995

R HE www.gjig.cn

I"EEEFEE R TIHE 7503618

&R 17 ItRNAITE

T G 2ESHRE

BINRTT PEERERRZEABRAT
(HBI(ERE: JLER399(E4E  #B4%: 100048)

ENRIZET IERFHSEIRIBIRAS)

Journal of Image and Graphics
Title inscription: Song Jian | Monthly, Started in 1996

Superintended by Chinese Academy of Sciences
Sponsored by Institute of Remote Sensing and Digital Earth, CAS
China Society of Image and Graphics
Institute of Applied Physics and Computational Mathematics

Editor-in-Chief LI Xiaowen

Editor, Publisher Editorial and Publishing Board of Journal of
Image and Graphics

P.0.Box 9718, Beijing, P.R.China

Zip code 100101

E-mail jig@irsa.ac.cn

Telephone 010-64807995

Website www.cjig.cn

Distributed by Beijing Bureau for Distribution of Newspapers and Journals
Domestic All Local Post Offices in China
Overseas China International Book Trading Corporation
(P.O.Box 399, Beijing 100048,P.R.China))
Printed by Beijing Kexin Printing Co., Ltd.

CN 11-3758/TB
ISSN 1006-8961
CODEN ZTTXFZ

ESEITIS M1406
ERHRAS 82-831
EAREM 50.007T

© v [H - R BT A R R AT



2014538 2619% %38 (25521583)

DEEREREE 5 )%

Zhongguo Tuxiang Tuxing Xuebao

SLE TS S SV L Ep R PP ZoT

RIEE, g, BES, B 0333
EENRNE D PHESARERIE K 1

KT, M, B, KK, R, Hiss 0344

7 r EHRA R4
(. 2] EEIXEMEEH 264 R R
- t KNI, =EE 0358
o | NEEEEEEADEL

e B, R8E, SET 0365
SERIXRIERAIH. 264154 BRI A E RS Bk e
BN EI%(%358%) TiES, =08 0373
RES AR SREG S BRI
PR, FMRE, BXSIZR, EKREI 0381
EFDERNEGEE
E—il, PER, B, TAE 0386
SEMRNIRSNR RIS
I, E5E, LR, KEMHM 0393
BADCTH R RSB S %
BEREE, BERE, MR 0401
FISR AT R SIS
X, NEE, £X2 0407
El&so#FnLAS
RET LR B IEE RS TR R
B 0414
EALBOBHEEN ‘TN Faemen

EEMHENESHSEXEE Eity, Tz 0421
£(5393m)

ERIEEFT ST
ETBBENRIEBERTTE
22, waE, e 0428

ERRERE
EERN -5 ERENS S HREREGBDSIEN
BRGR, HSlE, BEE, W 0439

FIOBFEANFRESERSINEL
AR RIS HEROFE TSR EE Contourlet s SRR BRI S

WE, M5, ENE, FEE =t 0447
BT L BB HRA A
RIL, KRR, WP, RINR 0456
| ETRREOTIRASEOEY
——— P, B, BEEH 0463
g e ORNEAR g e marEeEt

FEXR, EFE, BLS 0471
H.264/AV CHR BT RO 7%
i, IKBEFT, KE= 0476
SRR S S E RN
BRF, XFigE 0484

© v [H - R BT A R R AT



Volume 19, Number 3
Published March 16, 2014

CONTENTS

JOURNAL OF IMAGE AND GRAPHICS

H.264 video entropy co—
ding encryption by con-
trolling key frames(P358)

Algorithm for highlight
area inpainting guided by
saliency detection(P393)

Automatic approach of
lens radial distortion cor—
rection based on vani-
shing points(P407)

Review
Review of the bag-of-visual-words models in image scene classification
Zhao Lijun, Tang Ping, Huo Lianzhi, Zheng Ke

The processing and applications of high resolution SAR images with object-based
image analysis
Zhang Hong, Ye Xi, Wang Chao, Zhang Bo, Wu Fan, Tang Yixian

Image Processing and Coding
H.264 video entropy coding encryption by controlling key frames
Zhang Xiaohong, Yuan Chunjing

Zero-watermarking visual cryptography algorithm in the wavelet domain
Qu Changbo, Yang Xiaotao, Yuan Duoning

Level set model for image segmentation based on dual contour evolutional curve
Wang Xianghai, Li Ming

Improved algorithm for single image haze removing using dark channel prior
Sun Xiaoming, Sun Junxi , Zhao Lirong, Cao Yonggang

Image haze removal using a bilateral filter
Wang Yifan, Yin Chuanli, Huang Yiming, Wang Hongyu

Highlight area inpainting guided by saliency detection

Wang Yifan, Jiang Zhiguo, Shi Jun, Zhang Haopeng
Adaptive steganographic algorithm utilizing block standard deviation of DCT coefficients
Ling Yihua, Cai xiaoxia, Chen hong

Automatic approach of lens radial distortion correction based on vanishing points
Liu Dan, Liu Xuejun, Wang Meizhen

Image Analysis and Recognition
Locality preserving projection on Riemannian manifold for image set matching
Zeng Qingsong

“Two-stage” active contour model driven by local and global information
QI Shile, WANG Meiqing

Image Understanding and Computer Vision
Method of point tracking based on superpixel
Luo Huilan, Zhong Rui, Kong Fansheng

Remote Sensing Image Processing
Edge detection from high resolution remote sensing image combining phase con-
gruency with total variation model

Huang Qiuyan, Xiao Pengfeng, Feng Xuezhi, Wang Ke

Special Issue on HHME 2013
Multi-focus image fusion based on human visual perception characteristic in non-
subsampled Contourlet transform domain

Yang Yong, Zheng Wenjuan, Huang Shuying, Fang Zhijun, Yuan Feiniu
Rotation free recognition of hand-drawn military marking symbols
Wu Lingda, Zhang Yougen, Deng Wei, Song Hanchen

The wrist recognition and the center of palm estimation based on depth camera
Yao Zhengwei, Pan Zhigeng, Teng Guodong

License plate detection based on multiple features
Wang Yongjie, Pei Mingtao, Jia Yunde

Fast intermode decision based on the decision tree for H.264/AVC P-frame encoding
Wang Ping, Zhang Xiaodan, Zhang Lei

No-reference image quality assessment in mutual information domain
Dong Hongping, Liu Lixiong

© H K%K

0333

0344

0358
0365
0373

0381
0386
0393
0401

0407

0414
0421

0428

0439

0447
0456
0463
0471
0476
0484

AR BUIT AT



0344

E-mail: jig@irsa.ac.cn EPE]%H:Z?;E

Website: www.cjig.cn JOURNAL OF IMAGE AND GRAPHICS
Tel: 010-64807995 OHEERERZRRINTE

hEES S, TP301.6  CEFRIRAG: A XEHES: 1006-8961(2014)03-0344-14
B A TR, i, LB, KUk, R, A58 . TR G 40 HE R SAR EMGAL I R [T ], T E R AT 2441 ,2014,19(3) :344-
357. [ DOI;10. 11834/jig 20140302 ]

H [ 3T 5 1S 5 P8 E SAR BG4 18 K M

1 1,2 1 w1 1 sz ae |
ki, e, TR, KR, B, Fansk
Lo b Rl B i S AT BRI FT BT AU R B SRR, JEET 100094
2. PEBEBERSE, dL 100049

A E: B A S AR E K (SAR) BRI B AN W i , BRI 22 9 25 (5] 40775 52 BLAE 55 23 % SAR 52
Bt SUElEmE, SAR PG RO B BORAOR , AATTR O A5 R AR O s, S A AL SE i B TR K 1) SAR Ab
TTEAFEE o T TR MEOTE & ——" X7 A M .IT , Dy 73 Wi R R (A LR At T A7 Ak R
%, I FH RO R ARSI L K GIS AU SCE I AT R R 2 — . HETZE AT F B hE 45
BT )Z BN (A SAR SR AL B B BT HIEAL TP BE . T3k AN SCTE fT 2 PRk 1A ) X6 5 53 A B A RS RN
FERUHSERS b, XF SAR RIS ) % R H F B9 22 ROBE 2 BV 26 T 1 3203 H , 36 X 1T 1) 0 G5 RAE SAR
BN HITT 6 EA T AT A 41, B Je RS THI 1) X RECARAE SAR BRI HIERT T B A SRS . SR M X R
ARTE SAR FEGAL PR b i N S5 50 S LLR TUANJ7 T - 4905328 oty 45 S8 BB AR ARSI R RRARI T . £
WX R T BRI 3 HER SAR R RUEE RN, A W P 25 05 T AT 6 A . FRD, (R Ah 2y e
T SAR BT [ X R HTEARTE B C ARG T —E Yk (H A B BRI 1 2 [0, 5 2 — 2 R RT Y
e

SRSREIR : T[]0 G T 5 22 NUBE 2 5 e 73 B SAR PR

The processing and applications of high resolution SAR
images with object-based image analysis

Zhang Hong', Ye Xi'?, Wang Chao', Zhang Bo', Wu Fan', Tang Yixian'
1. Key Laboratory of Digital Earth Science, Institute of Remote Sensing and Digital Earth, CAS, Beijing 100094, China
2. University of Chinese Academy of Sciences, Beijing 100049, China

Abstract: Objective With the continuous development of technology and resolution on synthetic aperture radar ( SAR) ,
thinner spatial features can be observed from the high resolution of newly available SAR images. Due to the larger data vol-
ume and higher application requirements, the traditional pixel-based methods have many limitations in high-resolution SAR
processing. Object-based image analysis (OBIA) provides a new idea for high resolution remote sensing image analysis
based on the pixel set- “object”, which is becoming one of the hot spots of remote sensing, photogrammetry and GIS.
Currently, the technique has been widely used in optical remote sensing. However, the application in SAR image process-
ing is still in its early stage. The objective of this review paper is to provide a comprehensive overview and sound summary
of all of the work undertaken. Method In this paper, after briefly introducing the origin and characteristic of object-based

image analysis technique, the muti-scale segmentation methods commonly used in SAR image, are introduced. Then the
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applications of object-based image analysis in high resolution SAR images processing are presented. Finally, the conclu-

E RN RAIE D HEE SAR B IER K
sions are drawn and the outlook of the applications of object-oriented technology in SAR image is given. Result The object-
based image analysis has been used in some SAR applications successfully, such as image classification, information

—
(=]

extraction of urban area, change detection, the monitoring on ocean and forest. Conclusion The object-based image analy-
sis plays an important role in solving the scale effect and speckle reduction of high-resolution SAR images. Recently, while

some excellent studies have been performed in the applications of SAR Images with object-based image analysis, many
challenges remain and much work still needs to be investigated.

Key words: object-based image analysis; muti-scale segmentation; high resolution; SAR image
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Fig. 1 Statistic of OBIA application in SAR images
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Fig. 2 Object based SAR change detection
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