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Abstract: The multimedia imaging technology can meet people’ s visual demands to a certain extent. People can easily
obtain high-quality images through mobile devices, so people begin to pay more attention to their aesthetic experience of
images, which makes the image aesthetics assessment (IAA) method become a hotspot issue and frontier technology in the
current image processing and computer vision fields. Intelligent IAA can be developed to imitate people’ s aesthetic percep-

tion of images and predict the results of aesthetic evaluation automatically. Aesthetic-preference images can be screened
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out. Consequently, TAA is critical to be applied in photography, beauty, photo album management, interface design, and
marketing. Generally, TAA can be classified into two categories, including generic image aesthetics assessment ( GIAA)
and personalized image aesthetics assessment (PIAA) . Early researches believe that people have a consensus on the aes-
thetic experience of images, and leverage the general photography rules to describe most people’ s visual aesthetics on ima-
ges, which are usually affected by many factors, such as light intensity, color richness, and composition. Most of the cur-
rent GIAA model can predict most people’ s aesthetic evaluation results of images. GIAA models can be divided into three
aesthetic-related tasks like classification, score regression and distribution prediction. The aesthetic classification task is
focused on dividing the image into two classes of “high” and “low” according to the aesthetic experience of most people.
The research goal of the aesthetic score regression task can predict the aesthetic score of an image. This task leverages the
average aesthetic ratings of most people as the image aesthetic score for regression modeling. However, the two tasks shown
above need to convert different people’ s aesthetic ratings of images into a unified result ( “high” or “low” and score) .
Label uncertainty is derived from people’ s aesthetic experience of images, which makes it difficult for the consensus result.
Therefore, the predictable aesthetic distribution is more concerned to reflect people’ s subjectivity. The goal of the aesthetic
distribution prediction task can predict the aesthetic distribution results of multiple people’ s ratings of an image. This task
predicts the aesthetic distribution straightforward and converts the aesthetic distribution result into aesthetic scores and aes-
thetic classes. Consequently, recent GIAA models researches are mainly focused on the task of aesthetic distribution predic-
tion. Although the aesthetic distribution prediction task of the GIAA model can reflect people’ s subjectivity of image aes-
thetics to a certain extent, the task can realize people’ s visual aesthetic preferences from the image level only. Besides, it
is more realistic to develop the PIAA model for specification beneficial from the growth of customized services. Therefore,
the PIAA model has received great attention recently, which can predict the accurate aesthetic results for customized users.
We introduce the existing PIAA models published from 2014 to 2020 due to the lack of reviews on PIAA models. Generally,
the PTAA model faces two challenges for specific users as mentioned below: First, PIAA is a typical small sample learning
task. This is because the PIAA model is a real-time system for specific users, which cannot force users to annotate a
large number of images aesthetically. In addition, a small number of image samples can just be obtained for model training.
Second, the user’ s subjective characteristics become important factors to affect their aesthetic perception of images since
the user’ s aesthetic experience of images is highly subjective. Meanwhile, users’ aesthetic experience is influenced by
many subjective factors like emotion and personality traits. Therefore, the existing framework of the PIAA model is mainly
divided into two stages based on machine learning or deep learning. In the first stage, the GIAA dataset rated by a large
number of users is used to obtain the prior knowledge of the PIAA model through supervision training for the smalls sized
sample learning issue of the PTAA task. In the second stage, a user’ s PTAA dataset is used for fine-tuning on the prior
knowledge model for the high subjectivity of users’ image aesthetic experience, and the subjective knowledge of users is
integrated to obtain the PIAA model that conforms to the user’ s aesthetic perception. The existing PTAA models can be
divided into three categories like collaborative filtering based PIAA models, user interaction based PIAA models, and aes-
thetic difference based PIAA models. To demonstrate the differences between these three PIAA models, we first introduce
each of the three PIAA models separately. Then, we summarize the design clues, pros and cons of existing PIAA models.
Meanwhile, we introduce the commonly used datasets and evaluation criteria of PIAA models, as well as the application
prospect of PIAA models in precision marketing, personalized recommendation systems, personalized visual enhancement,
and personalized art design. Finally, the future direction of the PIAA model is predicted in subjective characteristic analysis
and knowledge-driven modeling.

Key words: personalized image aesthetics; evaluation metrics; aesthetic experience; subjective characteristics; know-

ledge-driven
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FEXT UL A S AR 6 i 5 B 2L, o] LLE i
TR 2 G G5 1 1 38 ) 5 2% 10 00 Sfe 4 3k R 17 55
JR X SRR 25 37 3 22 R 2R A0 5 0, G0 O R B
R FE R )T (Wells, 2015) %5 4 T 7 i
T FUM BRI 5 8 i 1 PIL AR 27 > SO B 2 2]
PP AR X G R AT 362 — o 5 ( E A 4%,
2016 ) 8% 322434115 ( Kong %5,2016)

Kl 3 R T 362 o R4 3 Bl H 4T 5%,
Hrp 22 BEE F A 1~ 5 23, /0 Bolss s K%
)iy = S e, e S R i S R Y |
1G4 FER Z2 BN B SEPFAG 20 1l v ™ R IR 2,
X AT 55 FE X fiT B ELAR A 5T 3R i . SR Bk
WA 55 5T H bn 2 1075 21 KR 25240 4,
AT 55 38 5 2 BT G S22 ) - PR 50 1E N
UGS BGIEAT A AT, AT LU H X PR FR A5
1E55 R A 0 (A5 (s BT M)
KA FEAF G KR EZEN T AR 1 R AR BG4 T
Hr (GIAA) FAY

’ ”ITEJ‘ E ,ﬁﬁ.
ORZES OFze (LR
B3 RIS o M B ml S B BRI T 55

Fig.3 Two tasks of image aesthetics binary classification and

score regression ( (a) binary classification; (b) score regression)

HR AR 26 28 00 AT 55 A0 02 352 o Bl
VAT 55, B TT ZLRE AN [R) K BEG %) HF & DAy b 3 A%
Gr 2R (mT AR LA X R R E S —
FERREE FRIAFRS AP, FEIZ S AKX
G 5 B Bk i EME , & R BOX R g — 1Y 45
RTCTEA RO AR A R EG  SEBnas 3
W, AT LA e AT P15 3 32 U (1Y) 36 27 43 A Tl
AT 55 52 3 1 BF 5% & 19 T (Hou 55,2020 5 Xu 55,
2020) . 4nlEl4 R, JesE o AT AT 55 5T B An
JE TS BN [ R IE o0 1 92 28 40 A 45 5, L
BN BGEEIN | ~5 4y, ZFFRAT 55 BT
18RI & 2453 A AT A T0 - HLn] LAE 3 1

ST A 225 o A e AL SR 2 B 56 2 2
R (Zhang 55 ,2019b,2020 ; Zeng %5 ,2020) . [HL,
XF GIAA FEBY () RIS 32 7 1) %of 5 2 3 A FUNAT: 55
AR5 ( Talebi FI Milanfar, 2018 ; Cui %,2019 ; Fang
%% ,2018 ; Zhang 5 ,2019b,2020 ; Zeng 45,2020 ,

1 2 3 4 5
SE
B4 EHREA BN

Fig.4 Image aesthetic distribution prediction task

IR UG I 2443 A v] LAAE— /2 R B S e th AT
X UG 2 EWE | (BRI W 984T 55 10 2 MR
QU2 R 8N 0E B SRR, T DL 25224y
AT THUIIXE A AT 250 b 4 T R e PP X6 T A5 ) o 28 9F
i, BSRART S AL PR — i B R 55 24 0T
Iy o ATLAE TR o G G o 58 25 4 K
DI T ) 20N ) H SEAR BT TH 1) GIAA TR HfE
DA 55 38 T B2 3 v LU P Sk e i I
B WA AR L ( Ceroni, 2018 ) Ak &1 5 4
5% ( Bianco 4F,2020 ) F1PEALHERE R 48 ( Zhang 45,
2019a) 55, BB R 0 55 R 56 47 7R 5
e A P A AR S U | DRI ) A 5 A P P o 5
RIS ) PIAA BERLE YT R LA A ) B
RIET5Ih],

%

il

W
AN D X 5
ENIENEENERNINS

IR T R A S b O YA NP S S A

Fig.5 Image and aesthetic rating corresponding to five users
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2 MEUEBEFIEN

2.1 miEHkE

AR MG 56 2E DA T 55 5 B e FH P A AR
W RIS . R T R R AR R 52 s AF
% MRS IR T R 2 A 2 IR R s, KL
BEXPREE P B PIAA A5 8Y (%) W 58 AR X 52 2% i 1A
M, T ERPE . 5, PIAA J& —Fl LB/ MR A
234145 (Ren 45 ,2017) . PIAA R 1 1] 45 5
PRI R GE, Toik SR R K R 64T 647
FRiE 385 18 O0T (L RE AR B P % b R AR 1)
FRiE e TR, R TR s SRS TR
o R R L R O Sy 1| 2 N N o N 7
(Krizhevsky %5,2012) , F itk , A8 i3 /D B I 2R AR 1)
A0 P o EIR I Y PIAA FEALR — A4k
et HU, BT PR R S AR B
MM (Kim 45,2020b) , 7 U P %) 2 W04 2 e
XU R EZE R R, (HEH T a0

—_—_—— e =

Rt 2%, S EUH P SRS 2557 S RG24
(Joshi %%, 2011 ) A1 #% 4% fiF ( Swami 1 Furnham,
2014) SEZ 5 1R, PR G A0 n] A3 250 B BROR P 32 00
FEPEIF Rl 2] PIAA BEAY i & — ARk, A
SR FARPRAR , {H2 F T PIAA AL AT DUE R ff
HUAET 45 P X BUR A AL S A PN S5 5 7E
T[] A P A e 2 L (Ban, B RE AL B RE T
FERPT-HR FEUATE ) A S0 I R AT S
2.2 EFHEZR

K6 JEIA 1) PIAA 557U [ 5 R HE 42 18] 1ZAE
BRI BY BE, 55 1 BB, REENXT PIAA 1155
(R INEEAR 22 2] R L, F1) K6 P 64T 26 24 1A 1)
GIAA Bds 4 38 1 Wi B Il 25 3 B 36 2 5 56 A R A
RY5E 2 BB, F B P G o S A I ) 0
PR, RS 2 FH P PIAA BOd 85 X6 56 4 56 56
AR AT RO I 25, 159 2045 A% P AR
FLAREG) PIAA £5 . AT PIAA BRI R 3 25,
FET U IR PIAA BEAY JET H P 22 B PIAA
BRI FNEL T 97 36 25 519 PIAA 58U,

—_—— e — e — —

! o
| ele, 1
: @ @ GIAA¥HE b |
| " ¥ RIS |
[ 1 " |
R % [EPE| o

R EIL T | g !
| - S | | IR | «— |
Pl ‘ | B R % |
| i b — |
: | L GIAA % 42 ;:
|| & _— N
| e PI AA;&?}E” % . %‘i‘f@gﬁ % % HZ “I\ I
e . . " SERA |
| s —~ fm |
! e FIHFE v |
L e T R W !
' : 7 I
L # p. PIAA e 3 |
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| — E= a2 X ] Wl |
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Fig.6 The overall framework of personalized image aesthetics assessment
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F2F SR AR 2 PIAA FLAL . &l 7 iR, PrlA]
b PRI — AT LUA RAOR] FHAS [6] 1 P 2Z ) AR AL ) o 56
Al G A 4 5 FH P B A A PR 36 24 F AN Oy v
(O'Donovan 55,2014 ) ,

GIAA KiEHPH
Hfluse PIAAESS
Prlrli e
H AR -y - T
piaa | PEEERE | 2;_15;% #2 [ praa
o se - fm
7 EEAET
GIAARLHA

Bl7 STt E R PIAA BERLHLALE SR
Fig.7 The typical framework of the PIAA

model based on collaborative filtering

Deng %5 A (2017a) $2& 0 {8 FHAHAC [ 2% P s
ICH AR WFEA G RAE T P i o S8, &
Se ik P [ 3 208 %) T i BBORE I i - P 4% P TR 3 PR
WERFIE (He 55,2017 ) Al H 5E T K ARk 7 56 I8
Y GIAA Y s SR )5 i i %t 2 I ZRAY GIAA Y kAT
AL SE RIS 77 ) ok SEBLE X R E TP Y PI-
AA R Wang %5 A (2018) 78 G 56 £ VR0 5%
£E AVA (aesthetic visual analysis) ( Murray 55 ,2012)
(LAl B WO HT P 0 BRI SCAR PR B . 1 e
PRI UE I kB T — A P 5RO R 5
ik A B 25 UM 22 I 2% ( convolutional neural net-
work , CNN) BEHLR I 5 GIAA BEHL, SR Ji5 42 Hh — b
VERE AL 8 5 ml 2 PR T P PR s Bk d gk
FH P B bR 28 A D, B I 45 2045 &
FAIAPEAL T 26 0 419 PIAA B55 Cui 25 A (2020)
T A R AL 0 P15 3 2 DN B A I 2 A
GIAA BHY AR S TEAL SR & E s P 1 D
GG A5G T AR A o 26 D 4 0 R AR Ak o
b TR ik e P D AT S B W E M, B T8
o B3 [7) 3 20 ) 07 9 0 A 5 RIS 2 1) A8 k)
HE PP HEAT A0 Al 1 J7 2Kk A D 55080 A i ) 2L, 75 )
JET CNN Ay PIAA BEHY M B ad op A ol LUA i
SET UL 98 B9 PTAA 58 B F P X B /Y
o SEARBL I A 1 P [ 6 B, O dd ok B AR P 5 R
b P 22 1) A AR AR B2 AR B2 P 0 TG Y 26
FEA

2.2.2 FETHPACH PIAA A

FF P 22 B PIAA BRLS 3EFHh [A]ad g 1Y
PIAA BRI F2 2 H (SRR NEEAS 2 2] g )
B, AR ZAE T3 T3 H 1Y) PIAA AR FE 2L H bR
P A BB AE B AT R, 103 T Uh A5 U8 i PIAA 5
RUDAECHSE T A5 P 5 F At B P AR ALY o 26 D 4f
FETH P AZH ) PIAA BN E 8 fin .

GIAA e
Sl HPRE
Nk edin
e v TH
PIAA GIAA | 2 PLAAKIT
B i A

&8 HTHI A Y PIAA FERY L RIAELE
Fig.8 The typical framework of the PIAA

model based on user interaction

Yeh 2 A (2014) $& H— Bl B0 T 8 0 4519
ZHAB RS, it O R SO A
A T8 T AR A R A T IR R R S A HE I 1) A
B () SEARLFAT R, SE 3 P 6 R A A P A
FHET, Park A (2017) &%t P (A4 o S
P tef$ th — B 3 32 457 ) & AL (support vector ma-
chine, SVM) Y2 522 S HESR , A5 S RF 1) AL IET T
('support vector regression, SVR ) FIHE ¥ 3 5 ] 2 #1
(ranking SVM,R-SVM) , H:+# SVR H F2£ ] —4>
BT RAAHH LR GIAA FEH), R-SVM HI TN H.
FRaprpeg > F P AT 56 i S ok PR AR AR I
i R AR R IRAE GIAA Bl 46 il 5 H
4 PIAA Eidfs S S AH LAY 38 0 RIS K a1 1% 20 5 7
HEZRBEATOUAL , S 2 AT BRI (9 PIAA L Lyu
SEN(2018) it — i k7 P 52 E Y TR 36 2
PP Y R P D 41— 2R 90 RMRAE i A O
AT P e i EHR S HE P A R E &
BRI A B TR FURN G E P, i R R
GIAA Bda4E rh S 5 P 48 5 RRAR L) $idls 4R
KA HALGE B S Al 4, 5 T P e s 4R
TR SE w1t o A, sl T P 2 0y 32 5 HEY
REIFFG I P Y PIAA BB N 3R 20 al LI
BT P 2 EL Y PIAA R AT LU o ] P 7E PI-
AA BRI et A v 6 AP 56 24 HE e 45 2R I
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2.2.3 EETHEZERM PIAA A

BRT LR P2 PIAA BEAY —BERF5E A BLIA N
FHP A EAL B 26 5 UG R A 56 2Z [ AR AR Y 22
S B UL 2R EMS & LR ZE 5, 3T
BB, A BRI TAESR T T 5L T 36 22 1Y PIL-
AA FERY HBAURESR AR 9 7R
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y N \ Civ)
Hpt [] ey [ CIAABER
i) ||§,ﬁ§ T PIAA
g2 =X
sl i
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. L 454 |
et ZE AR

K9 FETHH LA PIAA FER L RIS
Fig.9 The typical framework of the PIAA model

based on aesthetic difference

Ren %F A\ (2017) &1%F F P (94~ Pk o 26 f -]
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T2 AR P EUR AT 362 DA I T A R A 55
SEVEM SER AT, $E H — i 3L T RUZ R LAk o2
2T1Y PIAA #2619 PIAA L5
AT S PPN S B R R A SR 5l ok B
P DR PIAA B8R 4R X S 0 IR AU HE 1 71
P B ZARIAF G2 P AP SRR B 1Y PIAA
Rl

MRS AT LU Y 38 T 36 22 57 1% PIAA
R AT A 3k o AT AN ) FH P 22 ) o 56 22 S i 52
Wi DRI 2R, 1 B b FH P 08 i e PR B B R R A
MEMZER GIAA BRI HEATIERE % > 15 2% H P
() PIAA BEAY
2.3 3 % PIAA #EEIPMRERS

F1 MG T I 3 28 PIAA BB B L)
Kefdt s, v UAE Y, B0 58 T U [A) 3 U8 ) PIAA
BEAR AT DU FHAS [R)FH F 6F UG B o 2 i - S D0 )
FEFE X B AR P AT PIAA AR 38 1 B[R] 40
B rFOREARUF P i) o SE A 445 3032 F P o R A1
i 36 . AHJRIXAE SEPRR B0 F 38 5k LSS B, R R
FH P 2 ) B o 5 2 AR A B 1, JE vk 8 O E A P
5 A P ) — i EARER EA Tad SE2h . RA
FETHI P 22 H ) PIAA R T] DIAR §i8 FH P 09 52 0 s
TRAR IS hy e e Y PR R, (E 232 7 1 7 B FH P itk AT
FELR A AE HAT A, o 1 e LUE A T AR B AR 1 op
MLt . B 36 T 95 25 1) PIAA AR5
3 R SRR Y v 2 )OS TR FH P 22 R () S 22 57,
AT LURIH B AR P 20 i bn i A AR T iR A5 3]
ERIZ T M LA st B AL P S PR S5 5 AR
b 26 22 ] 22 S 0 s e DR 22 s 02 IR ol P A1
e Felmbr 232 3 H B 50 2 & EWEEEE w5
HOREUY) PIAA BBUAEAE— 2 WANHA 2 1

Zr BTk, BT R g R P A2 B PIAA
R Ry B T 55 P AT AE 2 38 B R N FH 55 5
TH L2251 PIAA BB T ] LA 85k A it H
FAASPEAGHE SEARXT T R R AR A 56 19 22 5 09 30
PERZ , B, RN RI A A PIAA BER) 55 2 AE
AR TS T RO P 32 R, ok fE 4
— ISV B R X B PIAA R PE BE R AT o B
VEAS o 16 3 (R R i el 3@ 2 X A PR H R AR
O AME A SEAT S BT 4B, A AR FR S e
Xof G B SSRGS R 2R, O B 3 T/ AR
2 > BT ATE SR AR I A9 3 S R 2 il A B PIAA



$074 /5108172022 &£10 B

X, AE,

FEIX, BER, HX= / MEHEGEFTFNNARERSES

F1 A3 L PIAA REWETEREMMRGR R

Table 1 The characteristics, advantages, and shortcomings of three kinds of the existing PIAA models

PIAN U b R (st Bk
i e PP FE R 2 UL YA R ORI 2 A DA 7 2 R
Deng A (20172) PHRILLIE ) 4 3 G ikt
. PSSO Z ARG AU P ) R BRI P 2 I %
Wang 3 A.(2018) PHFIRLIE o i e (RAFFIIFIE 1 £
. PR R R DR R R 2 (RT3t R
A b [a] o e
Cul FA(2020)  DHAILLEE e 6 4 2 fiaks
Jredn LY E
Yeh S (2014) T i;fﬁp RMORFIIES gt oo e isem T P L
Park A(2017)  JIPACH ST RATASRIOE IR HE RO 0 5 Heb i A A T
= SW:G ME £ 2 g
Lyu S A2018) P H BT A LSRR RS B £ e b ;;?q’i' KRS AT R
. LT TR 02 AR L R SRR B S5 M LT S e
Ren FAQOIT)  HRIEE i P A 2 i
= o SETIRAEIN 2 SRUBIIERS AR LU A
ang & S A RS 3 -
Wang HA(019) FINER TR MBS LT I
o . et T AR R TR 2 e Al S RS B A 2
Li %% A (2020) FIEESF AT AR AL 32 R FZEFH 1A (h 2
R0y gy ATICFE ISR IR STULHS A TP 2 9 XD 9609 B

fegid

ES =25

AR

BRI 24 ) rp JE 4R 5 PIAA 55 B 200 A6 W
R OCHE
3 EMErRAEIEE
3.1 iFfristR
XFTHRE P B PIAA A 55 R Ui, IR 26543
B AT I/ INAH L T4 06 R /N B BAJF 5 5 S BT LA
PG S 2= PPN AR AR 1) FR0 25 SR 5 B S 46 R 2 [l i HE
Fp—BHE R AR H E B PEM AR UE (Ren 45,2017 ; Lyu
4 2018;Li %5,2020) . PIAA AR 1 fE 8 8 K
7 {72 /R = A0 % 22 0 ( Spearman rank order correlation
coefficient, SROCC) #47fif &, {Bisk s, 1 57 4399l
NGRS § R R 51 5 2 43 ORI T 26 2 0 4
A HE P SR, U B 5 56 2 43 ORI 0 56 272 o Kz
[F] (4 5 90 2%y

d, = s, — s (1)

SROCC 18K
N
6 d
i=1

l_N(Nz—l) (2)

Ssroce =

A, VR E R 9 80, SROCC 1 HUE L
fE -1 ~1 ZI[Al, SROCC My{E 1= R PIAA HH
FR 1 BE BT
3.2 PIAA BiBEE

B ADEEXT TAA BT 58 7 A9 R 2, (1K
ZJEET X GIAA AT 55929, 40 AVA (aesthetic visual
analysis) ( Murray 45,2012 ) . AADB ( aesthetics and
attributes database) (Kong 5%,2016) , CUHK-PQ ( Chi-
nese University of Hong Kong photo quality) ( Tang %5,
2013) . DPChallenge ( digital photography challenge )
( Datta %%,2008) #1 Photo. net ( Joshi ¢,2011) &, X
75 GIAA BERIAGAFFEARNT B H R Rt Bl
FEAZ 0 48 FIAE LR AR AL B Y PR R e, — 2B F 58 A
DUREXPREE P B AP SE AR S S T A TT Y
PIAA %48 2, il FLICKR-AES ( Flickr images with
aesthetics annotation dataset ) #1 REAL-CUR ( real
album curation dataset) (Ren %,2017) . AADB 2%
Xt GIAA AT 55 # 57 WA 4, (HU i T AADB %58l
JEAL A PO R AT R 20 M B (R R
DAL R e T LU T PIAA AR 55, ASCEZ R
XF PIAA A58 BB BIF 5% 255 34, A G 3 25 X% AADB,
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FLICKR-AES Fl REAL-CUR 1% 3 A8 JFE #E47
TR, EEE B 2 Ui,

K2 3NMRAFAHEENEERR

Table 2 The main information of three public databases

Bopin Fell EMREOR/ R B0 G
AADB FJEMNE 10 000 190 [1,5]
FLICKR-AES 7EZRiT4r 40 000 210 [1,5]
REAL-CUR  DAMM 2872 14 [1,5]

2016 4 52 [ i M 24 BR SC 4% # Kong 558 A
(2016) FESL T —N3EF e @ ML AADB £ 8 4
BAE AL 10 000 1 EI%, Horp | A — iR B 5 40
ez 5 ik B Sk + HHALES A ( Amazon
mechanical Turk) (http://www. mturk. com ) 7£ £k
U 2EPEA R 11 Fh g2z @ v 3 190 A2 P ox 1A
BT SR I BLBE RS TR P 1 &
£y (identity , ID) {5 ., L BGEFI R 1 ~5 ZIH],
FHPRRIE 11 Fh &2 P X ER 4t IE TP Sehn 2,
IEAR IR MG B A S22 Jm M, bR B o B
BAREAGRER LB, 11 Fh B S hE
B2 R E X R DGR R ORI AR s
SRR B R ST R R R
FIXEFRRR B, %508 2 A 2R B2 A0 1% 8 500 i 4]
B IR AL 500 IR MR, AR AL 1000 i A
1%, AABD Bl AL T H P M S5, T
FHT PIAA BEAY P MERESRIE

FEH BT K AF S T A PIAA B % .

(a) ~HEG
& 10 FLICKR-AES $3 7 v 4 7 40 R LA K RE I P B B 003 (ID) 15 8 R 2824043

Fig. 10 Example image with the corresponding users’ identity (ID) information and

FLICKR-AES 1 REAL-CUR ( Ren %§,2017) , H,
FLICKR-AES 4 PR 42 T 2% A B & 5 = W il
Flickr [ 40 000 #1147 FIF Amazon mechani-
cal Turk ZEZRUAE T 210 17 FH X UG B9 S 24047,
F— W E AR U B 5 A1 A [ PR 38 2 PE A,
10 JB/R T FLICKR-AES $4f ¢ b — i 7 5] %
AT 4300 5 467 H P B B 3 (1D) 15 B 56 2410
4y, HASEEGRGERI 1 ~ 5 4, a0 BolE R
UG e 2E itk o LA SR P 2 10 Y 55
VAR 2E S ROR AR AR BE T P R S E
B AT DIARSE P 1D AR — 57 P XA [R] 5
P2V B85 R IR ST AT X PG PIAA ASEH ) 7
FLICKR-AES B4 8 37 A0 FH P kA7 36241753
() 4 737 i BG4 R4 | B FH P 64T 2624 1T
i R B 3 B AE 105 ~ 171 2 08) (-3 {E N
137) . Hoaxrh 173 i P bR 35 263 B KR AE
FNGREE , XFERI AT AR UE I 28 il il 4 o i
F P A TRR I I EUR Z [0 AN &, £ & 78 5L bR i
S P AR A O IR R AT 98 A
¥l B, FLICKR-AES 48 2 il ok 3z 30 A4~ 1 Ak 1]
14 262 VEM J775 (Ren 45,2017 ; Lyu 25,2018 ; Li 45,
2020 ; Zhu 45,2022 ) EA 714 BRI IE 14 35 24P /2
T IR BT PO R )
22 HEFF FIE43, Ren %6 A (2017 ) 2 T REAL-CUR
BRI, 2R B 14 LA R P A AR
B FH P BB 36 243753, A AT 55 1 TR
Bt A 197 ~ 222 i, BT A AR A i i A
& RSB AR T eI A 2 0 3520743 18 e

JH FID: A2B6WQGOAICKXQ E2EPESY 2
JHJID: A211 8CPOGEWMYB E5E5 3
JHFID: AIRILUP7EBYOQI E5E5 3
HFID: A24GIXAH1109ZU LAY S
H F1ID: AIZ9OWUFINOXI9 AN 2

(b) P B ER

aesthetic score in FLICKR-AES database ( (a)example image; (b)users’ identity)
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VAL . H T TR B o SEAR g B A B i 20
PE AW OB 2R FATENEIE % 2
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SRR (ESE AT 2 AR S ez A
JE UL, DR E A AT BAR B 2 ARAE i
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