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Abstract: Object re-identification (Re-ID) is a pivotal technology for retrieving and associating specific targets across non-
overlapping cameras and different time spans, and it serves as a core component of intelligent surveillance, smart transpor-
tation, and smart-city sensing systems. Over the past decade, Re-1D research has evolved dramatically, moving from hand-
crafted features in its early stage to deep-learning-based automatic representation learning. With the recent emergence of
large-scale vision-language models, the field is now advancing toward more generalizable and versatile solutions. This
paper provides a systematic review of the foundations of object Re-ID, including its developmental trajectory, mainstream
datasets, and evaluation metrics. It then focuses on six specialized directions that address challenges arising in complex
real-world deployment: unsupervised object Re-ID, multi-spectral object Re-ID, cross-modality person Re-ID, occluded
person Re-ID, clothes-changing person Re-ID, and group person Re-ID. For each direction, we summarize research prog-
ress and development trends, analyze representative state-of-the-art methods, and compare their performance. We also
briefly review the current status of animal Re-ID, which is of substantial ecological importance. First, to address the high

cost of manual annotation in practice, unsupervised object Re-ID aims to reduce or eliminate dependence on labeled data.
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This survey reviews two major streams in this area: domain-adaptation-based methods and fully unsupervised methods

Both typically rely on iterative optimization strategies in which clustering is used to generate pseudo-labels for unlabeled
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data. Current research focuses on mitigating label noise and learning more discriminative feature representations within
unsupervised frameworks. Second, to overcome the limitations of visible-light imagery in adverse conditions such as night-
time or heavy fog, multi-spectral object Re-ID integrates complementary cues from visible, near-infrared, and thermal

infrared spectra. Current work mainly addresses the distribution gaps among spectral bands in order to exploit their comple-
mentarity and achieve effective cross-spectral alignment and aggregation. Third, we present an in-depth review of cross-
modality person Re-ID, which performs retrieval using heterogeneous data beyond visible-light images. Based on the
modalities involved, related studies can be divided into three sub-tasks. Visible-thermal Re-ID addresses the modality gap
between day and night surveillance; mainstream methods focus on either style alignment through image generation or
modality-invariant feature learning. Texi-to-image Re-ID uses natural-language descriptions as queries when query images
are unavailable, and current work emphasizes fine-grained semantic-visual interaction mechanisms. Sketch-to-photo Re-ID
enables retrieval from intuitive visual sketches; its key challenge is the large stylistic variation inherent in hand-drawn
sketches, and existing approaches therefore focus on improving style generalization. Fourth, because occlusion is perva-
sive in real-world scenarios, occluded person Re-ID has become an important research topic. We categorize mainstream
methods into two groups. Visibility-aware methods improve matching by exploiting information from unoccluded regions,
typically using human structural priors to locate visible parts or enabling the model to focus adaptively on visible discrimina-
tive cues. Feature-reconstruction-based methods instead seek to restore or hallucinate missing pedestrian information in
occluded regions so that the resulting features are more discriminative. Fifth, to address the significant intra-class variation
caused by clothing changes in long-term Re-ID, this paper reviews clothes-changing person Re-ID. Existing methods fall
into two broad categories: those that extract clothing-agnostic features, such as facial characteristics, gait, and body

shape, and those that explicitly disentangle clothing information from identity information. Sixth, because pedestrians

often appear in groups in real scenes, we review group person Re-ID, which seeks to associate group images across cam-
eras. In addition to the challenges found in single-person Re-ID, this task must handle variations in group membership,
mutual occlusion, and changes in group layout. Current methods mainly use graph neural networks to model topological
relationships among members or transformer-based architectures to learn higher-order statistical features and uncertainty
representations for robust group matching. In addition, we provide a brief introduction to animal Re-1D, a field of growing

importance for ecological conservation. This section outlines the technological evolution from traditional marker-based

methods to modern deep-learning approaches and highlights the key shift toward non-invasive monitoring. Finally, the

0

i1

paper summarizes the development and trends of object Re-ID and discusses future directions, including the construction of

large-scale datasets, research on large foundation models for general object Re-1D, and lightweight deployment strategies.
These directions are essential for improving practical applicability and accelerating broad real-world adoption.

Key words: object Re-ID in special scenarios; deep learning; unsupervised object Re-ID; multi-spectral object Re-1D;

cross-modal person Re-ID; occluded person Re-1D; clothes-changing person Re-1D; group person Re-1D; animal Re-1D
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YU L PSS TE B B 3 H A E U
5oe ol Hbs Ui

1) Je B B A & H AR E R . A 55 e
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45 ,2022b, 2023b) 3= F FH Az % BT 9 4% (genera-
tive adversarial networks , GAN) (Goodfellow 55 , 2014 )
PEAT UG IXAR I , (& 75 22 i 5 E ARl 2 18] /Y
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(2019) F AT PatchGAN (Isola %5, 2017 ) {1y 42 25
il AR R S AR 2 A B AT JR R DC 5 A i)
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ik, T JC 75 80P A 2 B - 5 J0 B Bl 1A 34
FAL, FE U T R SR FH 2 T RIS SR R AR A
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P, IR HAEAT B AUAL A 5 B2 80, AT SE 3P 25 £ 5
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A — 257 ¥: (Xuan Fl Zhang, 2021 ; Wang % ,2021 ) 18
A AR5 B AR Y R A T BE ) . Bl
J& , — ZR BRI AR 215 B A E— 2 32 T+ JC i
H bR R AR BB 1Y 77 % (Wang 55, 2022a; Zhang
%5 ,2023b; Qiu 5, 2024b; Tao %5, 2024; Li %5 , 2026)
LEE AR

g5 T RS T B B A N R 5T 4 T B
T EAEA R B 200 T 2T U5 E A
f SE T IE B R A T B2y 2 > ot , O HLIUG
TSR, HI, XA C B s —. H
B, G e B bR BRI B A e R O 1. 2/
AR 6 BRI . W TC B AR E U T
5, 45 DiDAL(discriminative identity-feature explor-
ing and differential aware learning) (Liu &, 2024¢) .
DSGL (disentangled sample guidance learning) (Ji 4§ ,
2024) . PISL (person intrinsic semantic learning) (Tao
&5 2024) .STDA (spatial and temporal dual-attention )
(He % ,2024a) \MPRD (meta pairwise relationship dis-
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tillation) (Ji %%, 2025a) ACWRCL(adaptive cluster-
ing and weighted regularization contrastive learning)
(Xiong % ,2025) , 7£ Market-1501 11 VeRi-776 L [ 1
REXT LI 1 F7R

*1 HHTUREBEREIRGIFENEERR
Table 1 Performance of some unsupervised object
Re-ID methods
1%

IS
WiReS Ay Market-1501 VeRi-776

Rank-1 mAP  Rank-1 mAP
DiDAL* 2024 942 84.8 89.0 43.5
DSGL 2024 944 85.8 85.6 432
PISL 2024 924 81.1 84.2 40.2
PISL* 2024 938 84.1 86.8 422
STDA 2024 93.1 82.7 87.4 423
MPRD 2025 94.6 85.8 88.1 43.3

ACWRCL 2025 95.8 89.6 90.7 46.5

T L AR B9 e (LML, R (A FHTARBLAR 2

2.2 ZRIEEFREFIRF

A B s E SIS F 2T ] WG EIG 7R
WA BSOS RS, Mg R A5 0 B AR 1k i
WE TR, T ST, 20015 B AR E B AR N
A, A OAE T RlG PTG R 2L AMRIALT AP
it R ARGS9 A S R . Li 5%
N (2020) B URAEHE T 220 42 4 2 U3 e o 5 4
RGBN300 (RGB-NIR 300) #1 RGBNT100 (RGB-NIR-
TIR 100) , -4 i 544 B IR0 22 0 45 FR R 245 L, il
B ZIEFHIE . Zheng 558 A (2021) 42 #r it Uik &
I £ DL 0 Ak B B R4 ) 22 6B REAE , DT AT 25
FIH 268 B 9 EAMRRPE o [ 2R 9 T A
#7261 N U 3 E B 52 RGBNT201
(RGB-NIR-TIR 201) . #K1Mii , ) 5 il & 2 0161 4K
Pt AR R AT 20 W 1 R) 0 3 25 S B HOGIE M

B XoF D' 1% ] 199 S IO 1 [R) A8, Zheng 45 A (2023)
P& 0 5 7 1) — MR i ki P R — B
FEARRDGIE T YRR o022 OG5 18] 19 22 55, AT
A BT FN M ) Z R RRIE . AN, S ST 5
BV IR R R T 2000 42 E )
e e K P 4E MSVR310 (multi-spectral vehicle re-

identification 310) . Wang %5 A (2024d) | H #ric &
o RTH SIS E ] IR PR RRAE SR A, il AN
R D TG ] 04 23 A1 25 55, DI AR s 5L )
P 2 GiE R AE . EDITOR (select diverse tokens for
multi-modal object re-identification ) (Zhang 45 2024b)
FI L A ALSE Transformer $EBUR [R G AR IE AL
FROE, 82 455 25 18] 5008 A5 Bk Pede DL A i
IO 1 57 6 4 5 H BR A G B BRIC AR RRAIE , 3 1T A AL
PRI ST POF RS R N 22 5 . b T iR
SR I OCHEE L, Yu 5 N (2025h) $2 1 SR AR £
PERR G S . XS T B — (e BL 2 A
B AR PR O BR DGR S R OGS R, A/ N
225 ARG B 5 — 2R DLt — X 55 201t
T B 5| AR o) 5 L B ) 0 R AE

VT3] — 267 1% (X, 2025 ; Wang %5, 2025b ) ) )
JH CLIP ¥ vt — i & Bl S A B A S B T R 4%
Feng % A (2025 ) ¥ G 1% A5 B 40 R L SR 1E 5 4
B AR, DT fef 452 780 BB % (] Bof 1) FH S5 1] B e A5
B A (5 B, DL 2T 56 A8 b & i iy
FIANPEFRAE . Wang 2 A (2025¢ ) 42 H 3T HARRAIE
& IR G 1% il i )2 AL R POk 2
JEREARFAE 5 b 43 B IF O BOGIERE R PR E B JF R
FHVE 7 fil A 0 2 GR -B HLH LA Sh AR A INTA
BB RN 22038 iR h 3l 28 B ARk 5 gk
RHEFEYE . Wan %A (2025) 2 HASHEPES 5
FIRERY 32007 vk i s Wb T B R ok Al R 5
4 JRy B AN A M DAL 25 OC & L IR A
FENET T 1L R A TR I e S T R 20t
TR B E . BEAh , — 2807 R F SRS SCal T
2 ) R G OG IS M LG 22 5 . Wang A
(2025d) J) 38 3 Z2 B R 5 B G A il 25 44
A0 1 SCA S A 257 LA I 51 5 90058 4 A 1 A
Zhang 55 A\ (2025¢) 4 1 5 T 0] 2% 2 SR 7 ik %07
3l 2 ] 2 2] 1 2O iR R I R T R S AL
DI RO SO GE [AE B8 B S Rl G .

H i, 2060k B bs S E T N8R 4
RGBNT201 (Zheng %5 , 2021) , % 4 K0 95 £ A
RGBNT100 (Li % , 2020) F1 MSVR310 (Zheng % ,
2023), £ 2 BE T 2000 H bR E R R AE
RGBNT201 fil RGBNT100 045 £ b iy P R4 4, £
$§ TOP-RelD (token permutation re-identification)
(Wang %5 ,2024d) \EDITOR (Zhang %, 2024b ) \RSC-
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Net(representation selective coupling network ) ( Yu 4,
2025b) . MDRelD (modality-decoupled re-identification )
(Feng & 2025) \IDEA (inverted text with cooperative
deformable aggregation) (Wang % , 2025d) . DeMo
(decoupled feature-based mixture of experts) (Wang
4 ,2025¢) | PromptMA (prompt-based modality align-
ment) (Zhang 55 , 2025¢) Fl UGG-RelD (uncertainty-
guided graph re-identification) (Wan %5 ,2025) .

x2 BosHiEBEREIRRAERERERT
Table 2 Performance of some multi-spectral
object Re-ID methods
1%

RGBNT201

Jrik Ay RGBNT100

Rank-1 mAP  Rank-1 mAP

TOP-RelD 2024 76.6 72.3 96.4 81.2

EDITOR 2024 68.3 66.5 96.4 82.1
RSCNet 2025 72.5 68.2 96.6 82.3
MDRelID 2025 85.2 82.1 95.6 85.3
IDEA 2025 82.1 80.2 96.5 87.2
DeMo 2025 82.3 79.0 97.6 86.2

PromptMA 2025 809 784 974 853
UGG-RelD 2025 868 812 981  88.0
T L A RS e AL

2.3 BESITAEIRZ

P RS AT N SO AR AR S AN [R) 7T 43S ] L
He—£LAMT NE RS SCAR—EgAT NE R BI AR
— R AT NE PN 3R R AT 55 . BlE 2R
RALHY R 24 | B A4 T N UM W % 1) 30 JH 22
BT NE YU MOARZRE TAEAT UNIReID (uni-
fied person re-identification) (Chen %5 , 2023) il ATO
(all-in-one ) (Li % ,2024a) .

2.3.1 Al —Lr oMy AE )

AW O—E£TAMT N R & 78 58 BEAT WO S
LA EMRZ Y S 4oy DR C , FoAZ O Pk R AE T AT DL
LA Z ] UG Y o B S 22 5 o A T LG
—2LAMT NE RS FEEERT R 53 UGN 55 5 i FR:
A2 J5 1

1) BTG IRl WO —20AMT N ER S .
WRTTIE B ARG — MRS R A KR Al . — 28

7 ¥ TR AR B RS (Goodfellow 25,2014 5 Ho 45
2020) A= 5 B A R 45 /B S 22 5 o Kniaz % A
(2019 )3 IS AEAUAT N BRI )RR R 0 RS B 46
ST DA A — B3 T SOy IC L . Wang 55
N (2019a) WIF A e it BT 55 SRR AS | AT
TEPIAS 2R b [ 4 i sl . T G tE ]
15 i By B IR T, Wang 55 A\ (2019b) £ H3 X%
AR 2 T R LS 5 O EUGOS G PR EL A, S5
P S5 BB A SR o Choi % A (2020) N4
o1 )2 B LS AR K KGO0 i A B 43 R O FIAR
BAHXMHE T, DAEA S B AR B SR RFE . Liu
S5 N (2022a) £ 11 7 i B ABE A8 498 5 DO 286 3 ok TR B 8k
BRIE 2  E A EME  B i . Pan 58 A (2024)
PG — S MG A B 5, R A B A
TR A i SO SF RS . Ah , —2E Ty ik el 4
RIS B IS RIS R . Ye 58 A (2021) F K
JE EMGAE R 5 BB FE AN N 52 22 A2 iR ) 2540
5/ 22 5 . Alehdaghi %5 A (2023) F1] JH Bl #L 2R
PEZH A RGB 38 18 AE 5 T I UL ISR, 55 IR0 % i 2
MG R FFIE R . Lu 58 A (2023) £ 38 1 22 B4R
B, 8 A BB SR DT 22 A T P e 22 .
Kim 28 A (2023) Fl Hua %5 A (2023) 43551 $2 H B5 AR 2
AL R IR A RS S IR A HAR , X ey ik
I 225 () 3 0 23 1 IR A, S ARG AT A
JRERREFEARE ST H3E5R . Zhang % A (2024a) B K {7,
L7 A A AR R el BB R AT PR B2 2T, A
T 2% fiff 20 €5 F1OG BR 22 5 1952 I . Alehdaghi % A
(2025) £ 1 F 38 N A= B b R 20y 5 ik 1 ke 42
H [ ok 51 BT N A0 AR (1 i 4R S 1) o R A
A5 BB 2

2) FETFHRE2E 2 AT WoC—2r AMT N E R .
T VR 4R U S RS TEC ) B /A, K
ZBIT ¥ (Ye %5, 2022; Chen %, 2022b; Liang %5,
2023; Jiang 55,2025 ; Wu 55, 2025a) 18 12 5% £ A5 7R (1)
P2 > SEBE A ] WOE—20 M T AN E RG], Wu
N (2017)$ R BE I 78 05 1 DA 2 ST RS HL T R
fiE. Ye 55 N (2020) 4 ) 8 2 X 2 1 R G 27 A HE
DL I AT AN H I R . Lu %8 A (2020) 4]
R RRIE R RS SR R R RS L
BLARE E FRAE AT E UM . Wu 58 A (2021) 38 4 43
[y e L X Y S S a2 i A = ST}
PR TR 0 0 5 5 S — 2k . FMCNet(feature-



$31% /5 68 /2026 £6 A

BiE, T, IIER/B$RGs THEREIRIMRGERE

level modality compensation network ) (Zhang s
2022¢) J& FMCNet+(Xi 55, 2025 ) $& H F¢fiF B 38 £b
2% DIARACRRAE 25 [ RS FE SR AE . Zhang
Il Wang (2023) 48 H Z2 BV A9 i 9 24 X 8 75 3
A B TR IS0 . Li 258 A (2024b ) T4 1 5 45
B E— L UME M 4 LA SE AL S X 55 o Chen %5
A (2025)8 1 )2 RALERE L B SRS T d, N2
OB AR 42 i A L 22 R AT G2 A mT L6 S5 41
AP B E 25 . N T2 ERSCHHE R,
Ren Fll Zhang (2024) #i& t B0 51 IH 5 > I 4%, 1%
T 1 B U 5 A4 A AR IE R A B A BT AR =
SRR v, D 1G5 CH 0 M R AE . Cheng %5 A
(2025 ) 4% H A% 285 JER 01 4050 388 X6) 55 X 45, 1% 2 3 el A
B4 SR — R L R SO B R 2R A,
AT R 5 BB AE B, Lue A (2025) 32 5L T =
UL 45 15 1F 28 7 it A 28— A F R AR AR 3l i i
ICE R I HLH Al G s B RE 55345 8, SR
BERHEBRELEE L CRFFIESRI . Zhang 5 A
(2025f) £ HH AR A 5 42548 77 , R R AR 57 185 56 A e
VA0 42 i AU A B B o BT AR
Xof 55 18] B, Lin 28 A (2025a) 32 ) B R4S 18 SC—2bk
2 2] W2 R ARS8 S BRA T B A A K 1
X35, BLEFIAZ SO (2025) F 4 S AG T E UK
) 28 LA 4t B % RN S R AIE L SR 05 38 2ok A B
fillG I 5 A G5 R B R AR A RRIE — 2, DA 2
JHN R B BSAT AR R . LA, Qi 4 A (2025)
P& 0 B e g | S I %, ) RS 25 e s ] 1)
B RAE S| S 2% ) o B 2% 2 U7 0, Zha 58 N
(2020) F1 Liu 55 A (2021 ) 43 514 H 544 rhcs 453 26 i
SR LG = ook MRS N Bk 5 R A

— L8 (Wu 55, 2025b ) i 1 AAR Y (41 CLIP
ChatGPT 45 ) (18 AR AE T , 158 AL S8 P AiE 5 SCA
T SCRY 22 H., DTG AR 2 S5 %o B 3 0 A T4
Yu %5 A (2025a) $2 1 CLIP 3% 3 19 3 S5 4 /9 2%, )
FH 0 2 SCATE 55 R 5 | AU RRIE 51 U5 B il
Ao Hu%5E A (2025a) # H F T CLIP (B A 4 ME T
2, R SCAR SR AR bk & Bt A 8., DT 2B i 25
225 5 BN SE RS RRAE . Dong % A (2025)
P ZREETE 5 3 B4, R ChatGPT A= A% 1)
ARG | DS RRIE Y B RS 55

BT, Al W—20 M7 N R F 0 £ 42
# SYSU-MMO1 (SYSU multiple modality 01) (Wu %,

R3 EAARE—LLIMTAEIRANFTENERERT
Table 3 Performance of some visible-infrared person
Re-ID methods
1%

b EIE S
BEE ) (iwe)
Rank-1  mAP  Rank-1  mAP
MSALNet 2024 71.2 68.0 91.1 85.2
IDKL 2024 81.4 79.9 94.7 90.2
HTCR 2025 74.6 72.1 92.6 87.9
DMPF 2025 76.4 71.6 88.8 81.0

MDANet 2025 79.5 77.0 93.6 84.6

CSCL 2025 75.7 72.1 92.2 84.3
DSFA 2025 78.4 74.7 95.8 90.2
ARGN 2025 77.0 72.7 96.2 90.0

T IO TR B S R A

2017) #1 RegDB (Nguyen %5 ,2017) . 23 M4 1 %84
AL e —21 A N B YU i AE SYSU-MMO1 Al
RegDB %4l 4 LAY TERESS R , €048 MSALNet (multi-
stage auxiliary learning network ) (Zhang 4% , 2024a) .
IDKL (implicit discriminative knowledge learning)
(Ren A Zhang, 2024) . HTCR (hierarchical token-
aware cross-modality reconstruction ) (Chen %,2025) .
DMPF (disentangling modality and posture factors) (Lu
%,2025) .MDANet (modality-aware domain alignment
network ) (Cheng 5% , 2025) . CSCL (cross-modality
semantic consistency learning) (Liu 55 , 2025a) \DSFA
(diverse semantics-guided feature alignment) (Dong
%, 2025) Fil ARGN (auxiliary representation guided
network) (Qi %,2025) . W Z UL M2, LiRiTiedE
T A B CE T RTTE . b i U
B — R0 B AT WOt —20 AT N5 ik
(Yang 55 , 2024; Ji 5% , 2025b; He %5 , 2025; Liu 4% ,
2025¢) .
2.3.2 CA—EIBAT NEBU
SCAR—EURAT NE VU B 1R 1 SCA RS2
Fr AR, DLRR 5 A8 A7 N AL 5E 4 nT g ke 2k
RBLSE RS o Li 48N (2017h) 1 W4 SO — 1R
A1 NE U 55, JF #3166 v 4 4
CUHK-PEDES (CUHK person des(:ription) , [a) psk 38 1
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[T 2 AU SOA 5 BRI .
PEIERE b, Li 55 (2017a) #E— 254 H B 00 J8 0 11 1
B B I 26 LAAR AL SCAS 55 BRI E R S5 5 . Zhang F1
Lu (2018 ) W 1 25 A0 A5 5 52 DT e A 3 2 P AR 2k
oA SCA S UG AE S S R A 28 [R] Hp  4 A — B0bE
Sarafianos %5 A\ (2019) W F| X P24~ , B Fe i o 2%
> SRS TC R RRAE F R R i /N SCAR 5 BRI 43 A
225t B, — 2y P A R AR A Y O 5 S
Z2 00 B FR AR 09 42 18 ok £ T B AL B . Niu 55 A
(2020) $2 H A 75 4= Ja 5 Ja 3 DG FE 1) 22 0 B % 55 45
R LIS 5R 22 2 SO 5SS AR ) C I . Wang
85 N (2020c ) 38 128 5l B 43 0 28 AR AT NI 24518
SCDRSER, I e SO Hh i T e e AR X S
Zhu %5 N (20212)F AW 58 5050 8, IR 2764k
(A 2R X S =, NI S ORI IS FiC A1 B
Shu %5 A (2023 ) 3 32 Bin) 3 A 34N 2 e i Xt
FrIFLEA L RS E AL, 5 4 R R AR AL B T Y
L2905 A5 B o Farooq % A\ (2022) M HHLZ B
HVEFFAE IT 5 SCAR I SCREBR X6 55 . Wang 4%
(20226 ) 48 H R L2 2 1 2243 S 440, DA TG S 4
J7 A B AR | DA G A 7R 5 o A B e 2
CLIP S0 —18 75 KA 248 , Ry SeAR—[&]
BAT NE VUL T 50 KA BB LAt . IR RS
B SO 54T N ER 2 58— 91 A8
(], ST v 5 ) i B R o PRI, — 25 R
B —1E 5 TR R Ry Lm0 45 LR T
A—EGAT NE PGS o Jiang Fl Ye(2023) $2
R R O R AR 5 0 5 ki O sl g o ) R R
P AE B 5 SUARE B Z B JE 5, A as 42 )= i 1]
SCUURCRE /1. Yan %5 A (2023b) $2 H 400k B2 {5 842
P HE SR 9% 7 %3 2 e X 4 H AR P = 1 1) )
PR I 58 4 SRR, DA S A A S AR S 4 )
X35 N T G CLIP BE R AE AR AT AR R LY
AL, Cao 55 N (2024) R GEMEHLIR R B 1 0 1R
PRBCEE N G 3 AU CLIP AR R I JC 75 5 | AAEA]
BB EUE A R PERE . He 55 A (2024¢) 4
HALGE 5 A T8 o 4L R 2%, 12 19X 4% 2 38 3 4 B )
T SO 3R BUSOAR Ry R AE , 18 B e AR
FERE e, SN = R S S R R AR B U 5% . Lin
S5 N (2024) 1 8 SCAR—EUR S G —SCAR [ B J5)
T 5 B, DA T S B TR o M B R S 4R B X 5% .
Wei 55 A (2024) WS SCAS fif A A 58 A 1 5 | - A58

DB 5 7, LA S 3 T0 i &/ D ESAG T 4 114 i 1) i 44
JERE SO 55 o Ak, o vk i U0 55 5 iy JRl BR
Sun 5 A (2025) 4 H 56 T 200t 55 A9 25 A A3 A4 )
25 B AR B SCRY B AS S B o Zhang 45 A (2025d) £
FH Pl 22 ) 2% Ay s ol 0 O R AZ A HE S, i i e
RSN 5B ] B A AR TR SCOCHK , AT 2 25 1 o A7
NRFIE R F 50 1 55 S A2 TR SR fE

B, SOR— G AT N B B A
CUHK-PEDES(Li %% ,2017b) \ICFG-PEDES (identity-
centric and fine-grained person description) (Ding %,
2021 ) 1 RSTPReid (real scenario text-based person re-
identification) (Zhu 4§ ,2021a) . 4 845 T #4 X
A—E B4 NP7 A CUHK-PEDES Al ICFG-
PEDES % #fi 4 F (9 Pk 45 2R , £ 45 CADA (cross-
modal adaptive dual association ) (Lin %,2024) .SCVD
(semantics-centric visual division) (Wei %5 , 2024) |
TBPS-CLIP (text-based person search CLIP) (Cao 4%,
2024) . VGSG (vision-guided semantic-group) (He 45,
2024c) . RMGNet (relationship-mining graph neural
network ) (Zhang % , 2025d) 1 CMSN (cross-modal
symbiotic network ) (Sun%5,2025) .

x4 WBAXE—EBRITAZRING ERERERT
Table 4 Performance of some text-to-image person
Re-ID methods
1%

G
WIRFS 45y CUHK-PEDES ICFG-PEDES
Rank-1  mAP  Rank-1  mAP
CADA 2024  78.4 68.9 67.8 39.9
SCVD 2024 767 - 69.8 -

TBPS-CLIP 2024 73.5 65.4 65.1 39.8

VGSG 2024 71.4 67.9 63.1 -
RMGNet 2025 77.2 70.6 68.4 41.6
CMSN 2025 76.5 70.3 64.5 41.2

TE L A RSN AL AR, =" R A8 AR oA K

2.3.3  EHi—MA T AEB

R —MR A 17 NE PG B e o R ER S
AR Z . BT SO, e A 5T 1 00 Hb 4k
FELDE L&, LAYRAN SCAS I I 76 4047 R v 454 15
BB . Pang 558 A (2018) B 4R H 26 T & 4
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AT N U 55, JF #  7 4> Jik oE H 80 4 PKU-
Sketch(Peking University sketch) o B4k, A 6 26 4
5 IR R MRS 22 57 i AR HE— 20 32 1 B x4t
R AIE 27 2 HE R DLy o] RS O 8 1 0 il M SR AL
Yang 25 A (2021a) 45 H 52451 2% S5 4 3k 17 HE 22 4 )
FH 5l g 1 A g e = 1 s ) I 0z AT Bt v del ik
IO DA TIT A 2538 5 A A K00 A ol 2% P 1) B A2
KR PERE. Chen 55 A (2022a) & H AF XS B 5 50
A EF 2T T7 4k 5 1R P 2R A R IR R v
R AR A5 ST F 22 SR AL, DA T A4 /N A2 22
Sto FEUCIERN E, Chen 45 A (2024) PE— 208 i B2
SR LB e 2~ L g 250 M 9 R B A A X 5
Zhang %5 N (2022e ) 4 1 B FEAPERA 5 1 SC—HUky
MEA 7 V5 %07 Bl i R IR 2 1 2 A A 5 1 X
SrEAREFE, NG SRR B 5 1 o o T s iR R A
A E i S 2R G i KA 2 S S B A
FOMERL, Lin 55 A (2023) # H A0 75 38 S Al 545 T 1
Xof S AR L A E 2, HG3E 2o il 22 0 A R O R
CLIP 5K 2y i) Ja MEHE A LAXS 55 15 B ARAIE , [R) I3 T
VR 30 ¥ ML 22 XUA% B4l 4R Market-Sketch-1K.
Liu 55 A (2024a) W) 2l 285 42 Jil— > 25 1 HXURS £6 i
BRSO 1) PSS 2552 TH. T 0 ) R S R ik i it
i EIRERS 7 o BRSO REEC B R ZAl 0K
A% 22708 MR 1 B0 A 5 1 1] R, Hu 55 A (2025D) 2
A AU Z B R AR T AR B 4R TR A2 AL RE
J1o IT ARG A R R R TR O AE A
ik AR~ 1 n] L 52 B XA, I 50 28 24 I
N DTITAT 255552 BB 28 531 ) XUk R A%, O I 35 42
THERE

FAT, R — IR A7 N S A
PKU-Sketch (Pang 55 ,2018) . & 5 545 T4 £ 4
— MR A7 N FE U7 15 7E PKU-Sketch 045 45 _E 1Y
M e 45 3, 10 #5 SketchTrans (sketch transformer)
(Chen %% ,2022a) , CCSC (cross-compatible embedding
and semantic consistent feature construction) (Zhang
45 2022e) AttrAlign (attribute alignment) (Lin %,
2023) .SketchTrans+(Chen %,2024) .DALNet (differ-
entiable auxiliary learning network ) (Liu & , 2024a) Fll
AIP (adaptive incremental prompt-tuning) (Hu %5 ,
2025b) .
2.4 EHTAEIR

FLSLH S AT A TR BERLFS 2 5 807 A8

x5 WMAERM—RRITAZRINGERERERI
Table 5 Performance of some sketch-to-photo person
Re-ID methods
1%

PKU-Sketch £{4/5 42

Ttk A

Rank-1 mAP
SketchTrans 2022 84.6 -
CCSC 2022 86.0 83.7
AttrAlign 2023 78.0 78.8
SketchTrans+ 2024 85.8 -
DALNet 2024 90.0 86.2
AIP 2025 96.0 94.3

TE ML AN RS B IEARL, © — " 3 s AR BT O AH S B -

HEPS AT R EAR i, DA T S 2 R A e £ S T 2t
JEESZ IR I T NSO IR R PERE . A BOIEERY
A N U A BT ] AR 5 TR
PIRIET %

1) BETa] UL R Ry R AT N U . 2k
T3 1% 3 B i AR Y AT UL X A R AR R A A
e 7bnal MR % A By a7y S VPN L S 27 abist vd
ARECAT WL XA L . Miao %8 A (2019) #2455
SRVRFIERS 55071k 205 1R 8 25 5 B o A
BRSPS AL, TR R R A S DR B B |
ARG TE FNA IR 1] W B A X . Gao
25N (2020) $2 11 22285 S 1 AT UL IX B DECAE 42 | 1%
Ty il ik A5 | T R ) SR BCH I SRy PR R ALE L O
FFHZEZS 51T ] WL PRI 8 A O R bR 1 A 1 B0
AT AR AT DL . Wang 55 A (2020a) 441514
PR J B A TR A A L e, T A S T 1) T A A
55 15 RAR IR AR FEAEH, DT RE 8% [7] I AR AIE 8]
s B 6 R S B R R I a5 B, DUER T+
Yy 5 TR VCBC A MEAf 1 o Zhang 56 A (2021b) 2
HR T SCIRRRN PSP A R X 2 12 I 4% 38 1o R 42 )
AT 343 ST I 25, IF R o 3 i
AR 5 — T S A PR TR T A AR 3 DX, AT e
IGEPS Y T4 . Yang 58 A (2021b) F TS HUIL IS 19
B TT DL AR S S B AR A PR S, AT (2
A AE R AR 2 ) 2 B SR AR T A) UL X8, Tan 55
A (2022) #¢ i CBDB-Net (consecutive batch drop-
block network ) J5 ¥ , 0 5l 7E AP fIE BT 3% 22 2 5 Jmy i1
XA A AN TR AE , R (A B AR S P 25 T
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W BE 27 > HI I FAE . Miao 25 A (2022) fil & A 14
A T HRAE Y B A7 B A7 n] WA A B
PSS B T . Wang %5 A (2022¢) #2 1 3
T Transformer [ 22245 5 AR R R 7 1 207 )
FHAZEASAF B0 2 th 5 B AR AR DG 1918 SUREE , OF
LA 6 456 4 DG FiC W] DL R A7, AT A 2880 R AT B 4 1
oo DouF5E A (2023 ) 38 1 55 Wi (4 B ) A AT o0 265 42
WU AR BN S AR 1 B X . Gao B A
(2024 ) FI]FH AT S B AR e ke 12 B 22 07 i A4
DX B R A DL XIS . Geng 25 A (2025) #2 1 £ 24
— G 2R R FRREA Tk e
AU X S 3 B A S T IR A X
Sl A A BRI, DA A I 285 v 8] 2 A 30X 4
BERYAE B ST ARE , S AT A 1 XY
FENT o Liu 25 A (2025b) )5 F S5 S R RIE AR 22
HLUH BRI, DL A S I G T 22067 B AR
AT IG5 A5 AT L DX AR F S0 ) 1 0 o G 435
g% o BLAN A R4y 7 3mSR R Sk 5 | 5 m]
IR E 7 . He % A (2024b) $2 HY X 3804 55 DA R
46 %7 VR I X AR AR R CLIP 4 B 1T X
JE AR 2 A7 B AR X 8K, 308 e X 3 DA A5 e SRy AR ] X
S o3 A R B ARG P s . SR T v iRE
SCARBE N TR A RAEA AR T ) I3, Lin %5 A
(2025 )38 335 15 S35 5 SOAR A ST PR A R B
SCHEIR TS | AR 2 37 H0) S 0ok B AR A [ e
A BN TE XK X I T . Wang % A (2025a) ] 42
SRS A2 AR R TR A M 4% DL 7850 F1 3¢
AT BXT NSNS P i HE A R 1, T A 3051 T
PRGBS TR 2 3 T ELH 1 ) B FRAIE .

P35 vk (Yan 25, 2023a; Li 55, 2024¢) ) ik
B [ 3 o R A AT AR AT WA X . Chen
SN (2021b) #2120 51 T I e A AR e L) Al B2
P WA o Li%5E N (2021) F1 FHER A 2 R S35 14
A R 555 W 2 ST ML 1 FH By 2k 5 |
ARG HA S ) T AT R RRAE . Tan 58 A
(2023) M3E o 223k H R ) H I8 R T A 2%
BERERAE B o Jia SR A (2023) $2 H A 2R R 24 2T N
26 %7 I R SRy RRAE Ok 4 ey 4 B L SE B TE R
XA ESUN . T SRR 5 R UG A AR A
BAKFRAGIAEL, Gao 55 A (2024a) F| FHXT L2 2T #L
il 5 | S o B A T AT 5.

2) BT A AP AT NE . s

125 15 e I R DX AT AR AR A A A, DAY
AT SE BRI AT ASRAE . Hou 55 A (2022)
T8 3o 3 ) DX IR A A AR P 23 8] B R SCfE B
DI+ DX ARAE 51 AR PP X 4% HE b 4 5 e ]
FAIS P BRSO B HEAT UE Al , DA TR 4R AE 25 8] ik
B PY X I i L. FED (feature erasing and dif-
fusion network ) (Wang 55 , 2022f) F| FH 1 £4 482 Bk 55 4
AR oM AR e b [R] I 25 | LR AR 2 18] v 23531 Ak B
FEAT NS p e P 53R H AR T ARYRRAETS B2, AT
P2 A H bR AT A BN HE I o FRT (feature
recovery transformer) (Xu %5 , 2022) F) H &l AR P17
e HH A T AR AR A4 IE AR R K A2 A 1) IR A 58 R
fik o Huang 9% A (2023 ) i 1o 4 LB (A7 14 7] L 1k
FEAMEEEE PSR AL T SCAZR , DT 27 > 4 R 1)
FTERAT ARIR o Ye 55 A (2024) 42 ) 3 5 RHAE BT A
HRGHER ZER G A TR L A 35T R g
FORFAE , T RS 28 31 64 30T & 45 ME K 52 65 1 Y B 1
TR o Wang 4 N (2024c¢) $2 H FFAE #b 4 Trans-
former , 38 1 S S 091 1 R R AR RN 5 ) A —
PRGOS , FI TR RN 2 figfth 2 DL B B U G
B RORAM P XU E , JF 5 | ARRIE AN 42— Bk
P 2 A0 RN A R AE S B O {7 BAHOCHK o Bian 55 A
(2024 ) X 46: 28 1 11 46 rb oA 38 14 14 Jay 0 A5 A AT
B, DA A if) R bl £ p Rk, IR 52 5 4
T AR RS MRG0 SREDAAF A (2024) 1]
SISUREISRV SR 1SS RN O SRR A T B &S X
X 5%, [) A 2R A Jag 08 S5 Sl P AR E AT ) 8 S T
Li 558 A (2025 ) 3 35 4 Jmy F1 sy 38 XU 45 44 43 St 4K 4
Jai bR SCfE BRUR RIS SUfE B R A TR
R HE IR S A5 B LA Bl 254K 52 5 4 ) A7 N DXCIURRAE
Zhang 5 A (2025a) Wi s 5 S ik AR5 A
RUSC AR BARTRAL, IR 456 2 U IE R S B
FEIEANRL L JR AL, e A Z AL AR b 42 Ak
PR L 22 BEARRRAE LA AD 2 2 SRR IR AR R o

S S NG AR R O & 1 )
Occluded-DukeMTMC (Miao %5 , 2019) . Occluded-
RelD (occluded person re-identification) (Zhuo % ,
2018) . Partial-REID (partial person re-identification)
(Zheng &5 2015¢) il Partial-iLIDS (partial interna-
tional logistic identification ) (Zheng 2 2011) . B
WP N IR B U7, 646 FPC (feature pruning and
consolidation) (Ye % , 2024 ) | SPH (semantic percep-
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tion and CNN-transformer hybrid network ) (Gao %% ,
2024b) . RGANet (region generation and assessment
network ) (He %5 , 2024b) . FCFormer (feature comple-
tion transformer) (Wang % ,2024¢) \HGTDR (heteroge-
neous generative tokens and distance-aware recovery
network ) (Li %, 2025) . AOANet (adaptive occlusion-
aware network) (Liu %% , 2025b) . MAHATMA (mask-
aware hierarchical aggregation transformer) (Zhang %5 ,
2025a) . PSCR (pose-skeleton guided cross-attention
representation fusion) (Geng 45 2025) . THCB-Net
(text-guided hierarchical context blending network )
(Wang % ,2025a) F1 SGFNet (semantically guided and
focused network) (Lin %% , 2025) , 7£ Occluded-
DukeMTMC 1 Occluded-RelD |- i ¥ G X} LL 41 3 6
B

F6 EMEHIT AEIRAN T ERERERN
Table 6 Performance of some occluded person
Re-ID methods
/%

Occluded-

e gy DukeMTMC Oceluded-RelD
Rank-1 ~ mAP  Rank-1 ~mAP

FPC 2024 76.7 728 863 846
SPH 2024 719 637 826 821
RGANet 2024 716 624 864 800
FCFormer 2024 73.0 63.1 836 857
HGTDR 2025 718 623 872 833
AOANet 2025 812 706 917 888
MAHATMA 2025 733 623 858 795
PSCR 2025 734 63.1 877 831
THCB-Net 2025 80.0 707 889 848
SGFNet 2025 765 672 93.0 903

TE L7 B9 fe (L fE

2.5 #WEITAEIRS
A T4 ANAEAS [ B 8] n] BE 257 3 AN TR e, 520
RS 3 2 WL — B A TR ) g T
I, AT NI — AL 55 PR i L A bR 2
TEAT NE R S A A 25 E R L (T RE RS 45 Sk S
HER ) B 1 R S AR
—RINEE N T8 5 IR TR A WAL

VIR g XoF i 2 A8 Ak 5 1) B 0y R o Xue 5 A
(2018) 41 3 A< 4 2% Ak JB& TR0 X 465, 3 2ot P[] 2
A AR A I 5 B 5y R, I 3 O b R R X
-5 B ARERAE A & AR, AT 7E AR A8 AL 5 AN AR
PIFIE I T EBREFIEAT N B0y o Yang 58 A (2021c)
FIH A 56 B LA A A I B2 [RI B A bR AR
s FL S 2 A AR A s 8], LA 98 6 RN S0 B4
JIRBEAH IC ) T, DT B IO 47 4 SR AIE . Hong 55
N (2021) 38 3 40007 B2 IR — S B 24 2] O ik i
P A TR S A I B XU RS 7R IR R
o LBy A G ) RS R U S E Y
BRI ARAEEAE , I3 1 A B 302 T8 e R i A &
AN , AT fof 55 750 5575 o R 20 7 T 45 s A L S31) iE
1o Jin 88 N (2022) FIFH 25 25 HURAE by 4l B W B4 T
55, SR SRR YN Zhad FE P AR AS 52 MR AR AL 5
FAEDE S5 B o Chen % A (2022¢) M5 | A $8 BE4F
TEAE RS ISR, i 2 fe R A I 5 A ILARRAE
(LA U8, DT 24 SRR 76 MR 8 R v 4% 3l S5 T IR
SRAFC A H ARE . Zhang 25 N (2023a) 32 24 W)
RRIZHRAELL 207 v 1 P R R LR SR AR
TS A2 A SE M L/ N B AR I RRAE , DT S 46 1
SR BRI B RAE, IR R U [ A A
BDUAR TS S 02 A . Yang %5 A (2023b) 1 H
O3 V2 e G W AR 4 R 3 A A5 2K A R 0 AR
(9 B % 2%, DT S 3 AE AN AR 430 &1 B 17 A 150
T HEFERA . AT IR CNN sz B 57 KR SodE
DLAZ5 41t 240 0L B 8 AE 19 [R) 830, Wu 55 A (2024) 2 1
CNN 5 Transformer S IR A P 2%, DL e @ & A |
Wit it 55 5 e TE S PR AT o Lin 58 A (2024b)
FI 2 AN 1A AR OG5 0T 55 AR BE R AE , 51 5
TR 2 £ SIS A DU R 45 327 iR B A8 Ak g ma B/ N )
SE X . Neuyen 25 A (2024) F1| ] ¢ & 13 2 1
LKA RAAAS R BUAE B, IF S 3R A PR AR 25 5K
T e T R AR I

T3 — 207 B WITERRAE e 43 3 B 5 B S5 il
PGB, BESAXN A AR B B FEIE . Yu
2 N (2020 ) 3 15 X533 4084 T B AR PR 5 il
B (5 B AN . Huang 55 A (2021a) 4 H IR 2HIR AR
FIN iz it e A T AR, IF DAt
KICAE 5 R E AR AE % ) i 2, DA A A [ 36
O L S X6 47 1 ) 0 5 R 2 A T A R e
Chen %5 A\ (2021a) 4% = 4 A\ AR5 21 4l B 55,
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FEAE Yk R b B R R IO SR REURR ) = TR
FRAE , SEE B 0y S5 AR M SO RS . Gu %5 A (2022)
P 0 T IR A X U B 2 L %0y A R A RS
SIARTHUTE 2 ST HESR | A8 A AU T e 2 g 2 vy ol
A7, DA B Sl A5E A0 DA [ 5 42 4 5 A T 56 19 1)
PEEFAE . Yang 55 A (2023a) 3 T PR SR 4k PEAE 42
A 8 XL S AR DAASE UL R 2 A o A 0, DA
AR th 2 g Y IR 5 B 5 2 5] SRS
BT IR A 1 B AE . Liu %8 A (2023b) W)
X2 A 38 IR 28, RN 2 b B AR DG AN
FRAF U 2 FE A e B AR S SR AR A5 X
DAL MEIRIE] P& R i i a N TR 2 8711B B
B 2 IR AR sl 8. . Liu 55 N (2023a) F1 FH A 22 Bt
PRI ) B AR AT IR R TL A S5 20, 5 7 DA B
R P15 H Ao s XA TR R 2 v AN AR 1Y) — MR
TEMREFAE . Cui %5 A (2023) M2 4 20 F B 4 f A AE
A0 A7)y 1 i A AR R 45 2R 4 (K1 L g
JHE) |, SE BT AW AH OG5 TESCHRRAE I AT 45 50 B8 . Gao
SN (2024¢) B2 1 22 3 DA > R 3205 R ] B
AR 5 | R AE SR, DT R A 7 i B AR b 5 2
DAL T R 5 I M 5 By 5
K H F 4R AE . Zhang 25 A (2025b) ) 42 3¢ T
CLIP 1) Z B R IE 27 2 HEZR , i 2ok BB DA R e —
SCAXS 55 A R — R IE A A 5 2 RO B R S0
JAT, DT 400 ) R 2 T M X6 B A RRAE B T4 . Gao 45
N (2025) 3 H 18 SCOBHTE B0 55 00008 5 i 9 245, 3
1 5 Wi A2 DX I Xk A AAR T8 SCR A BEA T NAL, i A
RIFE TR AR TR A T 5 IR JC G I AR it
JE M HeAh, — Ty ik ) SCAR S R sl RS AL 5 |
TR 2 o 5 iR TC O I E E JE . Wei 5F A
(2025) 48t 25 B /R4 2] O 5l e (5 B
BRI TE SO R 5| 5 T R IR AR BN BHRAFE
H Al . Liang Al Rawat (2025 ) U2 H ) FH SCAH ik
IR AR 2T, R A B e 2% i o T B 4 AR
5 ke S AR A W IR R AR ST 25 [l P ff Al o Peng
4 N (2025) 5 Hao 25 A (2025) 2 2R FH SCAS #5153
W, 7 A 300 A e S A A ] v 1 B 5 e
A5 B Ja Al I HEAS SCAR TN 2, ) g i) A 8
BEOLBE R AE S5 PR ) | & B RS A TE 6 1 s vk
X5

B, e AT AN UM E B B 424 PRCC

(person re-id under moderate clothing change) (Yang

4, 2021c) . LTCC (long-term cloth-changing) (Qian
4 2021) . Celeb-relD (Huang &%, 2020) . VC-Clothes
(virtually changing-clothes) (Wan % , 2020) £ Deep-
Change (Xu fl Zhu,2023) . % 7 545 T # o e $17
N YPUI I A PRCC A LTCC BHE 46 b A PERESS
R, £ 45 CCPG (contrastive clothing and pose genera-
tion) (Nguyen 55,2024 ) . IGCL (identity-guided collab-
orative learning) (Gao 4§ ,2024¢) . PGAL (pose-guided
attention learning) (Liu %% , 2024b) . MADE (masked
attribute description embedding) (Peng 4§ , 2025) |
DIFFER (disentangle identity features from entangled
representations) (Liang F1 Rawat, 2025) . SAVS
(semantic-aware attention and visual shielding net-
work) (Gao 5 , 2025) il MIPL (multiple information
prompt learning) (Wei 5§ ,2025) .

x7 HABRETANERNFTENIERERT
Table 7 Performance of some clothes-changing person
Re-ID methods
1%

6/ S
7k Lh) PRCC LTCC
Rank-1 ~ mAP  Rank-1  mAP
CCPG 2024 61.8 58.3 46.2 229
IGCL 2024 64.4 63.0 77.8 471
PGAL 2024 59.5 58.7 62.5 27.7
MADE 2025 64.3 59.1 47.4 24.4

DIFFER 2025 685 64.7 58.2 31.6
SAVS 2025 69.4 57.6 71.2 325
MIPL 2025 71.0 67.0 75.1 38.8
UL A B8 e D

2.6 MNERITAEIRS

PSP N H DAL 2006 3, S 80 X A
ARG EMELLE o /ANRAT N U B A A
X — S BRI, H AR 258 2o DG LS R ER AR Sk i
) FF A P 5 22 T ) 0 i AR R S 30 ] — AR 17
P8 Rk . B N IR AIAEAE e DR AR AT
INBEAT N FE PRI 5 340 1T I 5 HE AR B 53 AR Ak A
5 ()RR E P FAEAA AT R A2 AL APk

LT/ NRAT N EE R 5 12 FE BRI ARE A
£F (Cai %5 ,2010) Fl EL 5 EIFEAE (Lisanti 55, 2017) 45
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F TR AL GER B SRR B RS B . SR,
ST TR 7 e L A 855 41 )= 14 3
S ZACRE AR o B TR 27 > BRI I
R WFFE N DG W F 0 B [ B TR B 2 T 1Y
INBAT NI . — 8605 v 2R T ph 22
24 (graph neural network, GNN) B A5 ¢ 4K N A G (8]
S A AR o R LR R A B 53 78 Ak 5 41 Ry A8 Ak
Xiao % A (2018) Fl Lin 45 A (2021) 73 51l 4 Hh 22k 2
VL FCAE 42 LIMI (leveraging and integrating multi-grain
information ) 1 MGR (multigrained ) , HoRf {4 & 15 43
fift A N T H ST HMR RN R EZ AR
JE 38 3 Sh AR VAL 2 X SR IR Z By
DG JE 54k G Al B A0 P O3B, AT A 54k A sy g,
51 28 4k . GCGNN (group context GNN) (Zhu % ,
2021b ) . 2 HRE A A 25 (8] KA 4R 18T, I 53
FEUR LR SO o 22 M 2l AL R A R R 45 M . MACG
(multi-attention context eraph) (Yan %5, 2023¢) % T
PRl 22 W 2R E IR 2 o B SCR s R 2
GTE R I AU AR N SRR E] B SO
DoT-GNN (domain-transferred GNN) (Huang %5 ,2019)
FIA CycleGAN H5 A7 AP K KA 242 22/ i
3 NI G0, I FH PRI 28 0 208 X A A, DA
Mg > &R 7R . DotSCN (domain-transferred single
and couple representation learning network) (Huang
A, 2021b) FE L RER | 2545 A O R AR T 78
PRAS I BE B ] f KR B AR T3 A . Bl s, — 2807
221808 Transformer B8 1Y FH T/INBA T NFE R BT
% IR B TE. 3DT(3D Transformer) (Zhang
5,2022b) P\ = GERL A7 R 853 18] 4 25 8] A Jey R A A
A, 3o 2ok AR X ) = 4B AT SRy OC R R I SR R AE L A
SEMRAL G 2 J5 AFAE B A SR B PE ), Zhang
5 A (2022d, 2024c¢) $& H F: T — By Transformer [
SOT (second-order Transformer) (Zhang 42 2022d) Fl
UMSOT (uncertainty modeling SOT) (Zhang %5 , 2024¢)
D7k X BTy B AN ORI PR R AR
LA I3, I3 5 DA A 5 A R AR A R B 2
PRI TS AEREAR G A, DT 27 >0 X6 R R 03 5 A1 )= A2
O BB IAR R . RIETH JE R 5 T
9 450 10 3 BE T, Lu 55 N (2024) $2 1 5 T 2 4
Transformer {477 ¥ , Hoiil i 2 KB RRIE AR 45 51K &
F B SO SRR E SR . Zhang 45 A (2025€)
& 1 F = B Transformer ) PBSOT (parallel

branches-based SOT) J7 % , 1% J7 ¥ 18 1 I 47 19 2 Jm)
HURITER 73 3253 1) 77 > R AE IR B AT R 5 | 5 1Y
Ja B AR R SRAAE B %o i 2 4 DX ) S B RS TR A
VLS A 2 2 fifk DRI A Jo 722 A 7 R P9 SEE4 1) AE

BT, /N BT ACE U EE A CSG
(CUHK-SYSU-Group) (Yan %, 2023¢) . RoadGroup
(Xiao Z£,2018) Fil DukeMTMCGroup ( Xiao £ 2018),
8 LA T Ay /N AT N H U 5 A AE CSG M
RoadGroup Z 4 4 I i PERE 45 AL , £14% SOT (Zhang
4 2022d) | 3DT (Zhang % , 2022b) . ST (siamese
Transformer) (Lu %% , 2024) . UMSOT (Zhang A
2024¢) Fl1 PB-SOT(Zhang % ,2025e ) -

RS ENRITAEIRANFEMN SRR
Table 8 Performance of some group person
Re-ID methods
/%

G/ TES
I AEy CSG RoadGroup
Rank-1 ~ mAP  Rank-1  mAP
SOT 2022 917 90.7 86.4 91.3
3DT 2022 929 92.1 91.4 94.3
ST 2024 963 96.6 95.5 96.7

UMSOT 2024 936 926 889 917
PB-SOT 2025 964  95. 95.1 97.0
T O A B8 e DA

3 EHWEIRR

H s 3 U B BF 7 0 42 2 i 28 8 j9 47 R0 42
A = YA S i S E RO A SR
PR M I R Al A 345 87 55 v R B T R 1 7 T i
SRR AR 2R R A SR A )
TH,

TETF R AT A Z i, 34 ) 32 EEAOHT
THYPEREENE SN T T B, BiAkJrk
B ARiCEE, BIA S I s AR iR A T A X
43 (Wolcott, 1995 ; Block 25,2001 ; Cooke 45,2004 ) 3 Jg
JRVBNE ARG S W) 1A 3 F AR 5032 108 A 9 IR
ESEATHHR (Bertulli 5, 2016) s FRaE M, 2@
15 2% 2 ) W) W T 2 5 D 3R 52 B U] (Carroll 55
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2017) o SR, 3K LA 558 J5 1530 i A7 7E 55 Bl B2 K
S AR 125 B9 7] 8L (Schneider 55, 2019) , I H. 7] G
XF B A BN , EE 2 T A 28T (Walker
45,2012) 0 ZJa  TEVFSALILGE B AR B T 8 )
PUN U R R, 85T T TR0 YRR SE T A
RG] (Duyck 55, 2015; Bolger 45 , 2012; Crall 45 ,
2013) . 2014 4F)5 , 527 NEIRBIEAR IS %, 5
HPUINE AR 7 T A AR Ye 55 A (2025) 25
TR EEE 5 A, B TR 2 ) i Sl W E U O ik
AL O3 R BT 4 Ry G A7 T W 7 v BT OB SR i X
I 2E ) B 05 R L R TR G B A T B 5k A
i, Ye 55 A (2025 ) it 1o fill i 48— b 1 AN 3 22 i Sl
e P E RN AR T kK EE R TR
EIEY/ERPIEs % =L e

WFFEN G R B A Sy E U SR T — &
G TF B FERHAR Y, U0 . MegaDescriptor (Cermak 25 ,
2024) il WildFusion ( Cermak %5 ,2025) . 32 1 (1) — 7
B J R KR L HE R 4 WildlifeRelD-10k (wild-
life re-identification dataset with 10k individual ani-
mals) (Adam 55 ,2025) 1Y & A o I BUE 4 RS PEHL
BB T AT IA NI RIR AL 5 14 7R E
BRI A S AR B A N B sh Y e
ME R Zh Y R S R KRTE N 330 F
PR T Y AR fe K I AR A AT Sk . [,
L TAREE XL GEVTAG bt il A7 7 I 2 — I s
T )t 2 BT R B ) 2 DS, Sk s EE L)
Y B B RN BT S 5 ) PP R v
It , WildlifeRelD-10k i iof i i ) Bl 3] 2 B s
ONTTREHE | Sy AR K T [r) 20y 285 5 A AR %) T i R
(IR IRVANS SRS T 13 Y SR o A Y

4 % iE

FARE U & 7285 545 Sk (5 I 18] f) 25 1F R 52
PO REE HARBIRE R S ICIC , 704 RE 4 By R BAC il
T BT S U R TR, i 2 AR
PRy e G kL AR G E R AT N 250
B R B S W) S5 Z RS IH OB & T
MALGE T T AL SR BCRTR B~ > [ SRRk ) B %
AR BEE KRR SFEEOR AR, HARE R — 2
I 35 36 AL & PR A Rz AL R O [ HERE . 5 R

B T () BRSE 1 S B 2R 2 AR R R o SRS
WHAR T —RFNE R . T T B AR UK 1)
RIRFAHMAT T SRR,

1) REEEAREME . YaT, ittt Ab 2
TR B, AT T R I e A v o A A
FUAEL AT AN R H H 28 4% 0 B RA R B LR fili 15
AL 5 A TF B S G Pk AR . M A D BB
SR, A K 1 RIS EG B 4 A B 2 W M (E AR R
RKE o H—, KRIT 52 (A Unity3D
UES 45) (46 U A nL B AR 1207 1 BRI A 4 72
EIEGEND: 2178275 SN/ F2 W R (L) S E TN 1
O B ALA BT A E R4 Ak TS5 A
SEHHE AR 1 25 SR, N A (B AR B AE Sl B I
YRIZT . B ML IR S DA K A A
RIOFFEE R ORI B 2R 24 A s
TS XM BBt ok T e o e R A pl AR 7Y
AR ERR . BEE Y AR A A S R AR 1
PR RS A R A R S A i B A R R S A
T HREUR , ISR G RORR RS
PEIRE MR, NI A e 55 )z e A
ZREPE I KRR PR T vk . BeAh, e e
G3A6 RCH A AR S T B R B AL 2R R
RAG AR FE (1 7 1] o

2) i M B AR HBR BRI SY . AT TR
B T 2 AR B B 50 7 2k 52 B 1 T 45080 A0
L 33 R FH S B0 BN R R TR 4. R
BT REZ A FIHT 5 B SEREE O R
B A 4 1 B AN AR 32 AL BE T (R B H AR
BIEHE R LR 2B S R 2O A,
b, — By R 3 A S8 AT 45 1511 g K AsE A
Ve g JE U BEAE , A 58 4ol A A o AR H A B0
TS5 RO SRS . R, Al B3 A H AR R
AT 55 R ) B v RASE R0 Al 2 2 5 &
1554 — sz Ak am F H bR E U KB AR ROk 1Y
BT ) R R R SR

3) B R AR SR A fEAK i A
I Wi %o SIS R 2 v VAR T AR S X 4%
7 A BRI R BE7 K, 30 ol A A R 3B 4 3
M 7 3 35 iy ) 240 SE o g FH %) 2 BRI, e A
RIS T2 S B AR I8 1 ) SR I A, ROk B AR iR
BIFTE ALY R A TR R AL SRR L. 7EREAY
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ALY, 75 RN 28 IR B S RO TR R, O
SHE TR BE 557 5 R ARG ) SR, i A DR 1A
Gl i PR SR A R R . FER R AL TT I
it A6 R REAL A PR VL C R 42, 3 i DU ABRRAE L X
HEST AR G AR BT, S BRG 2R 1L -5 ) iz
JE BB AS - o X P 7 T ) SRR L R Bl H bR
WUBIEA R UL
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