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Hyperspectral aerial object tracking integrating spectral prompts and hybrid
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Abstract: Objective Segment Anything Model 2 (SAM 2) has demonstrated strong potential for object tracking, benefit-
ing from its highly generalizable segmentation priors and long-term temporal modeling capability. These properties provide
reliable spatial support for tracking and help mitigate key challenges such as background confusion and target loss after
occlusion and reappearance. However, SAM 2 is not able to explicitly exploit the discriminative spectral information inher-
ent in hyperspectral data. As a result, when the target and background exhibit highly similar spatial textures, mask predic-

tion driven mainly by spatial semantic priors may drift. To address the insufficient target—background separation in hyper-
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spectral object tracking, we propose a spectral-prompt and hybrid-attention method tailored for hyperspectral tracking,
which enhances the model’ s ability to leverage spectral cues and improves robustness in visually ambiguous scenes.
Method The proposed HOT framework is built upon Segment Anything Model 2 (SAM 2) , leveraging its high-precision
mask generation to accurately delineate objects at the pixel level and thus achieve clean object—background separation in
complex scenes. However, since SAM 2 is not designed to explicitly perceive hyperspectral characteristics, it struggles to
capture discriminative differences across high-dimensional spectral bands. To address this limitation, we propose a hybrid
embedding network that efficiently adapts the model to hyperspectral data distributions, and further introduce a hybrid
attention mechanism together with a spectral embedding module. These components transform object spectral signatures
into learnable prompt vectors and learn deep inter-band semantic representations, respectively, facilitating a collaborative
fusion of spatial, temporal, and spectral information for robust hyperspectral object tracking. Furthermore, to foster
research and provide a standardized benchmark for this emerging task, we construct AHOT, the first hyperspectral UAV
object tracking dataset. AHOT is collected from real UAV flights and is specifically designed to reflect the unique chal-
lenges of low-altitude aerial tracking with hyperspectral imagery, where strong viewpoint changes, platform motion, and
complex backgrounds are common. Result Comprehensive experiments against six recent trackers on three benchmarks fur-
ther validate the overall effectiveness and generalization ability of our approach. We report both AUC and DP_20 to reflect
complementary aspects of tracking quality, where AUC measures overall success across overlap thresholds and DP_20
evaluates localization accuracy under a 20-pixel criterion. Across different spectral configurations and scene complexities ,
our method exhibits consistently strong performance and stable ranking. In particular, it achieves the top DP_20 on HOTC-
2024-RedNIR of 0. 8416, outperforming the second-best competitor by 4. 08 %, while also attaining the highest AUC of
0. 6034, indicating improvements not only in point-wise precision but also in overall tracking robustness. On the more chal-
lenging AHOT benchmark, the advantage becomes more pronounced: our method reaches DP_20 of 0. 8779, exceeding
the runner-up by 15.57%, and obtains the best AUC of 0. 3885, suggesting enhanced resilience to severe appearance
changes, background clutter, and long-term interruptions such as occlusion and object re-emergence. Moreover, on HOT-
2024-NIR, our method remains highly competitive with DP_20 of 0. 9740 and a better AUC of 0. 7648, demonstrating reli-
able performance in near-infrared scenarios. Overall, these cross-dataset results consistently show that the proposed
tracker delivers accurate localization and robust temporal consistency, making it well suited for practical deployment under
diverse spectral modalities and challenging real-world conditions. In addition, the inference speed of the method proposed
in this paper reaches 15. 4 FPS, achieving near real-time engineering efficiency while maintaining high accuracy. Conclu-
sion This paper presents a hyperspectral object tracking model that effectively integrates the complementary strengths of
spectral representation learning and segmentation-based foundation models. The incorporation of spectral embedding
enhances the model’ s ability to perceive and exploit high-dimensional inter-band differences, improving discrimination
against visually similar but materially different distractors. Coupled with long-term temporal association modeling, the
tracker demonstrates stronger robustness to severe appearance changes, deformation, and long-duration occlusions, and is
able to re-localize targets more reliably after disappearance and re-emergence. Overall, the proposed method delivers more
accurate and stable tracking performance across diverse hyperspectral scenarios, highlighting the effectiveness of jointly
modeling spatial, temporal, and spectral cues for HOT.
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X, = Com)(Xi‘f,),Xlow = Com)(Xi',,’“) (3)

A Conw HBEBURME, X5, X, 0 BRI 43 ) i
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B SUE R B 53 AT A R S S B AR LA
AP )22 Y 1 308 T T RO 5 L T AR

Y, = 6C(X,,) + PC(X,,) (4)

Y,=PC(X,,)+ X, (5)

X GCRERHABI, ALK SET Ty Al Bl

BPISRSCHY, Y, P74 R V- b A A5 3 3 1

&S, F1S,:
S, = Pooling(Y1 ),S2 = Pooling(Yz) (6)
K Pooling 1R 4 R Pt Ak o % W03 DR 2 5 il
1 4 1 )2 N Softman JE AL, A AR R 508, M
B, FEAT P53 3 i HVARAE B A Rl 5«
X, =BY, +B.Y, (7)
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Fig. 4 Typical image and spectral example from the AHOT

dataset
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2024-NIR .HOTC-2024-RedNIR FI#4 2 1Y) AHOT %54
AR Ry R SRR R JR . o HOTC-2024-NIR |
HOTC-2024-RedNIR g 5 (9 ELAAR A 5 4T s

D)NIR: 605 25 4S8 I B, 7 55 29 700 - 1000
nm [ 32T A0 X3, A U 2k B 12515 3k 3 &
1% 5049 5K ;

2)RedNIR: 5% 15 O3k I B, 6 75 29 680 -
900 nm [GIE X, A Y2k MR 15386 5K, M
K% 8872 5K

ZEAREEE 4B AT S 420% (BC). .
MHLIZF (CM) 22 (DEF) B3z 5 (FM) DG IR
Ak (V) AKX BB (LC) K52 B (LL) AL E
(0SC) RS (0CC) HEF; (OPR) FLEFAN(OV) 5
(REF) /INHBR(ST) FIR EEAS AL (SV) o PAl R #
U4 2 THF-A 48 A < BT M ] i 48 R AR (AUC)
FE(E A 20 18 2K B A HERR 6 B DDA e [ 3 3 1)
SE AN R I e (10U ) (348 14 ot 119 7 43 BE L T R
F (1305 51 DA O 21 1 () G IR il 4 . oAl R i 2 3k
T 343 A s 55 S Bt FOHE HhC 22 [T 5 2R A
i, 2k el o0 25 5 /N TR 2 12K A (A

T AT 35 SO Z) M i) 1 43 o AE Ao 3 il 15
1B A 20 A o B 2 gl e X h IR R AR EATHEA i R
DP_20,
3.2 ZINAT

5T PyToreh ESEER, fff OB 14
3 NVIDIA RTX 4090 GPU. ™ 4% g & J5 1 , {fi Ji
Hiera-LAE N EUG a4 , i PVT B R B PR A E
FeiE gy . It R, S TARHEIR A F2 18
(Ravi 5, 2024) H 1 (8021 i A R B KN AE
1024 x 1024, UR&5 EG gt &% 10250, % Hofl Ak
HEATIOM , #4315 47 404> epoch. K ] Adam AL 7%,
SR E N0, 1, R E S x 107, ff 4%
%R BE BRI SR 2E 2 R Ak, X HOTC-2024 F11
AHOT B i 42 AT 1R R R HERS bR i3, 10 £ 40 B AR
AU IEH U0 25
3.3 XPLEsRE
3.3.1 EEIHE

Sy T G IE R A RO TR S TR R
HOTC-2024 Fl#4 #5448 AHOT 475 L3256
X EE T G RGB &0 rp 9 S E BRI 7 7 AR Track
(Wei%E,2023) \ODTrack(Zheng &5 2024) Mixformer
(Cui%,2024) . SAMURAI( Yang % ,2024) F1 HOT 43
B b Y S R BR B 5 1 SEE-Net (Li %5 ,2023) \S3T-FFS
(Wang %5,2026) . Z5HAN3R 1 i

£ HOT-2024-NIR %48 4 |, A SCJ7 78 AUC
FIDP_20 43 IS 0. 764 F10. 974, AUC F8FRLIK
T S3T-FFS (0. 790) , ft T HiAth 77 % , 41 SAMURALI
(AUC: 0.756, DP_20: 0.955) il ODTrack (AUC:
0.748, DP_20: 0.927) . #H % T MixFormer Fl
ARTrack , A S IEAE VI b L334 $2 5+ uE A 7E
Ab B2 B LT AMEMG I BLAs R B RHE2E 2] 5 H
FRIERJNfE 7T, 7E HOT-2024-RedNIR B4 4 |, A5
7 AUC 35 3] 0. 603, DP_20 15 31 0. 841, i T3
AXF LT TEREERY G A v H bR R ER R A
AHOT I, 2806t i B RE T F% . ODTrack (1)
AUC F1 DP_20 43 % % % 0. 237 55 0. 477, MixFormer
TREZ 0.327 5 0. 563, 11 AH X 4% 1Y SAMURAL I
ARTrack [ % 0. 337 50. 722 F10. 365 5 0. 651, #H
[tz , 74 325 ¥: 45 AUC 1 DP_20 | 43 51| 35 )
0. 388 F10. 877, 7TEXT bt 7 i h 3R B AL, ik W A 3¢
J5 1 RS B 4 b 0 X6 25 vh 3 S AR R G B A
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fr T B AR R ER 7 VR AR AR LA K A e 7 A
A FE HEAT R LG, PEA AL 4 A 2 R (M) LA
S

R AR AD AL A T (FPS) o SEIR 4% S an 3k 2 fr
/N o MixFormer Il SEE-Net 43 5] L 58.55 MB Al
53.93 MB (AR A T R B H B dr e AL R, Horp
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Table 1 Quantitative evaluation

HOT-2024-NIR $4E4E

HOT-2024-RedNI .
0] 024-RedNIR AHOTACjE4E

Ik Hi kR Huige

AUC DP_20 AUC DP_20 AUC DP_20

ODTrack (Zheng %5 ,2024) AAAIL 2024 0.748 0.927 0.500 0.625 0.237 0.477
MixFormer (Cui % ,2024) TPAMI 2024 0.689 0.866 0.394 0.484 0.327 0.563
ARTrack (Wei %,2023) CVPR 2023 0.640 0.784 0.423 0.540 0.365 0.651
SAMURAI (Yang %,2024) Arxiv 2024 0.756 0.955 0.590 0.800 0.337 0.722
SEE-Net (Li%,2023) TIP 2023 0.471 0.701 0.332 0.433 0.337 0.500
S3T-FFS (Wang%5,2026) TGRS 2026 0.790 0.973 0.550 0.721 0.347 0.608

S GRS - 0.764 0.974 0.603 0.841 0.388 0.877

T TR A B 9 B DL L, 6 2 7R AR SC i AR IE S Wi

AL ZT AR SO i A AR R 237. 00 MB,
ORI T R B T 5] SAM DL i ik
A5 ARG SRR 45 1 F 868 ) R THIRER VERETT
AT A B JCEEVE o 7 1 FHE B T, AR SO TR B
15.4 FPS, &Ik T SAMURAI(24. 0 FPS) 5 ODTrack
(23. 6 FPS) 55 J7 1, BEAE 6 J2 46 K 2 B S bras thol
5 R i YE TSR 43 AT T 55 X U SR I R 2K

AN, 5 I 3 AT T 8 R A 6T E S
B, X H R 3% 3 B o AR i A )
Fh 2, 5 YA OGS H bR R R R R TR
AN o A SO ETE R Z 808 e 5 h B US4
FW, BRI, 76 BC.CMLOCC , LC 1 LL 45 i &1
BINFREL T , A SO RS B R L R . 7EIR
SERB S ETE , BUAS 0. 809 4 B I 3%, B A T S3T-
FFS(0. 695) FHAbXT 7 i, RITE(E SR b7 5=
P RE IR FE RS IR . R 28I 1, 40 FM

FIDEF v, 43 S HUE 0. 730 F10. 735 L 3%, JR Bi
R AP S EEALRE ) o FE SV T IE , TR
0. 856, 5 T HAth 7 i , i — 0 R WA S Hh i B
B OCTE B 7R I 4% 1 R B A A 7 Ah 3 2 ] A% A I Y
g

BE R —26 LAY 5 B PR M 1 55, i OSC L REF
5 OPR W, [FIFEHUEH L S B . 7RG 2T,
ARSI UMERRER N 0. 772, 5 F A7 % SAMURALJL
TFEV o FE/ B AR R ERAT 55, AR SOy T U
0. 403 Y AERR R, FRIL T I 5377, R Hh XHIE
S3 PR H AR R AR RE

BARRE AR SO 14N B R NS
FIAF , REZBUE O T T YA et orik . e
TR 1 25 1o Y P o R T G A1) 45 R JER A
FIRNAE F 3 5 R ™ B A SO IR TE R OGS E
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R T B LA [R] 5 i B AR R R 7 VA A B 2
Y P R, I A B AR BT 51
Tr A T, B 5 B /R AN T] 7 e 7 3% S i v A=
() B AR FUIAHE (R IR DUR R B B bR TE ) 5 HSE
HE XS HEAE O o %) He 77 #4045 ODTrack . ARTrack .
MixFormer . SEE-Net, S3T-FFS F1 SAMURAI, 7% 3C J5
B EMER o BB —AT I AT AL 5 R T LB

5% IS I I ARSCHE, SAMJEAT 1AL HE R £ B K
BB T O PR AR (B THBIR 1 i

*2 SHMAENIHERSEEILL
Table 2 Comparison of real-time performance and

parameter size with other methods

Ik Size/M FPS

- ODTrack (Zheng % ,2024) 92.12 23.6
R SRy —  Birs s i, 2807 . »
AR B A Ry e (G20 WA 309
TR /M FE A g gy MR (T2 msao 0
FURRIX 8, FLAT Bt 1 TR . 42565 0015 5 0114 1t SAMURAI (YaneR Q2 22400 240
1, 206 H 97 3 (U1 ARTrack . S3T-FFS . ODTrack) SEE-Net (Li%2023) 53.93 120
FIAE & A T S 2 A , £ 28 ) I0AE 8 S sl AL ) S3T-FFS (Wang %% ,2026) 97.27 226
B, G AR R AT ik . ASOA 237.00 154
WA B AR RCR A R G 22 R R T RS ph TR P O R (i
®3 SHMFAZENETEERILL
Table 3 Comparison with other methods based on attributes
7k BC CM DEF FM v LC LL  0SC 0OCC OPR OV REF ST SV
ODTrack ~ 0.525 0437 0.761 0337 0444 0643 0.688 0527 0.498 0.728 0.057 0.042 0305 0.670
MixFormer — 0.446 0289 0523 0.450 0.335 0.092 0.590 0.473 0.440 0.591 0.058 0.044 0205 0.433
ARTrack 0368 0316 0269 0336 0470 0.610 0.519 0.443 0400 0.549 0.083 0253 0336 0.594
SAMURAI ~ 0.581 0.574 0508 0.746 0.607 0.143 0.800 0.604 0.554 0.770 0.067 0.259 0.469 0.854
SEE-Net 0361 0.155. 0.297 0279 0289 0.078 0.540 0364 0319 0.561 . 0.007 0.039 0.100 0.492
S3T-FFS  0.557 0.633 0.578 0373 0.58 0.613- 0.609 0557 0.568 0.587 0.065 0325 0427 0.716
A 0632 0557 0759 0733 0.598 0.438 0.805 0.621 0.566 0772 0.069 0228 0.493 0.856

TE < IOHL 7 (A Ay B 91 e UL £
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DEAPN PN S A wyRE RISt P G E TN
BRI IE SIPIR S TEAT T — 25 TN, 28 fiff BR 23 AE 1) 152
RGOl 5 =47 /R i = U ) B AR R R T4
s, HARBA I AT S SRR 1) A AR AR
s AR RZL . Z B 7 ik (4 SEE-Net, S3T-
FFS) 7858 24 A DX 3 D2 150 sl 00 AL o BAE
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i B A5 R IAE A28 TP 550 T % B ARFRAE A 1R 51
RSB ERIE SR ST R HARE 22tk 52
)25 Ak 5. 45 0118.0183 F10288 i rfr , 24> )5 ik
A PR R /1N bR ol 5 45 4 T P 35 B TR
TOUNAE i 5 2R VAL 2R S X e, AR SO PR AR X
S AR PRI T b (R4 FOUINAS BB 5 1 R 55 TR A

AR ST VA R E % S M T T A A AR
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Fig. 5 Tracking visualization results

3.4.1  HRH AR R

Ry B0 T R M A5 A e o) A (A A A 1 R 1Y) TRk
PR Al Sz, S 25 BSR4 R, 2390 e
CRELR BT R LR BEAYSHENT D) K i 4R A R
+HEN+HAN” = Fli% & & 1M RE R 3, IR 4845 R
HIAUC 1 DP_20. M\ 52 56 45 5L ] UL, 356 2 5 B4 11
AUC F1 DP_20 435124 0. 331 #10. 721, 51 ADGik i
AMEHLS , AUCHETF 2 0. 357, DP_20 #£ 7+ 2 0. 780,
TE B G 4 B 1015 8 e S i R AR R ] b [X e
X ARE ST, ST+ H AR A UL A A 5 A0 DS a1

HE— 25 AR A WL (46 2 (A

S 5EiEERE R ET) ,AUC A E] 0. 388, DP_

20 27t 2 0. 878, A Fill G v 2 7 LI AT 3 i A
Xif 23 (] DX 5 G RERRIE A B RS RE 0, A AR =
BRI 2 4 RS T 1 H AR U 5 5 o B e
3.4.2 IRA TR IIHLHI TR IE R AZERE B A R0
Stk — GBS IR A AL R iR A G
(A5 5 X ASE TR P B 114 5 ), b e A48 B2 1EA T S0
TSI, 16 B A E B R 8 16,32 il 64 Y DU 4 i
BEATVPAL o 0 AZEREHR (12 B 2 TR Gt AR 2556 —
NBRUZ M EEE C . LR INERS 5%

x4 RUFENHEBIZR
Table 4 Ablation studies of the proposed methods

Tk AUC DP_20

Ik 0.331 0.721
FLLE+HEN 0.357 0.780
B4 +HEN+HAN 0.388 0.878

TE L7 A0 51 R AL

6 U7 o R AE iR AHEIE O 16 I R AL, AUC 7
AHOT H#E4E 355 0. 388, 7E HOT-2024-RedNIR |-
%% 0. 603, DP_20 £ AHOT £(#4E 355 0. 878, 1F
HOT-2024-RedNIR 48 4 L35 % 0. 841, & Z BT
A2 P o X R AR IS Th YRR, A (92 [
K530 8 B G SR U AR B AR ) I
B S TE T MR EORG B R e

T AHOT B i 46 I, 2 A2 B2 /N (an 8 4 )
B, FRAE SR BE 1 52 B, XE DL FE A4 &R 2 4 1)
5 8 S AUC 0. 3615 DP_20 0. 785 Bk %
o YR ALERE B AL G K Z 32 Fl 64 B, AU Mg 2
IR T 64 4B E T, AUC [ % 0.327,DP_
20 FF%& % 0.720, 7E HOT-2024-RedNIR %44 4 I,
Bt 5 i A HEFE N 8 #ETHE 16, AUC H 0. 585 T+ =
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0. 603,DP_20 1 0. 795 i EHETF £ 0. 841, i 1
R B 25 BRI AR E ZRAE RE 0 5 2 4 B Ak 21 K51 32
i AUC i — /Mg $2 22 0. 606, {H DP_20 T f# 2
0. 829, S W BT = 4 i nl R 5| ATUAR S LG, 1
PR E k52 R ) 5 AR S KB 64 J5 , AUC T FE R
0.602,DP_20 4 0. 833, /= A #x A 4k B s 1 7] fig
SIATUARFHAE N B MR | i I AN oo siont
B HAR I BOCTE B2 73 il teAh , s 4EFFE L ] fig
R A AN T RIS 5 L LA XU 52 AR
fhEETT o
F*5 HAN SR EE LW (AHOT 3B L)

Table 5 Ablation studies on the feature embedding dimen-
sion in HAN(AHOT dataset)

TR A TR R A AUC DP_20
8 0.361 0.785
16 0.388 0.878
32 0.359 0.782
64 0.327 0.720

TE UL A B8 B A1

R 6 HAN FIBHFE R\ 4E B 036 (HOT-2024-RedNIR %
REE)
Table 6 Ablation studies on the feature embedding dimen-
sion in HAN (HOT-2024—RedNIR dataset)

IRATEE SRR IE R AL BE AUC DP_20
8 0.585 0.795
16 0.603 0.841
32 0.606 0.829
64 0.602 0.833

VR A B S R A (E

3.4.3  AN[FEHUAL SAM (A RPE

SRR FEAS IR B (9 SAM 76 &5 61 H A% B 5 A
F5 v BE 25 S S B PO o AN [) RS ) )1 e 7
A (SAM2-T . SAM2-S . SAM2-B Fl SAM2-L) #£47 %f
FEPPA , 25 SR04 7 F 7R o SAM2-L A I 2 B fe 11,
FE AUC 1 DP_20 45 414311 24.0. 388 F1 0. 878 Y i 1=
RGAR , UE W5 K 455 750 25 a T DL 220 5 bR 575 52
TF1) B 44 2 5, B TSR %6 52 2 37 5% 1) 3 7 BE F1
SELIKERE . MAZ T, SAM2-S 5 SAM2-B (I PERETE
e ey B SAM2-T P BEEE 28 0 T4 KA Y | 3 v]
il 5 455 70 5k 00 A S AR P K R I 4 4 T

Ko

ZE L RTAR  RORGHRLAR (4 SAM2-1) HL 4 T 5 1Y
FRIEZR IR 5 XA R ), EE 2 s P IR B &,
7 2 A5 AR (1 SAM2-T) 7F PRIk 45 i 4 AR 11 [R] s 2L
AR ROR . AR RS RIRUEE— 3,
AT DAZE A 2 B i 7 SR BT X PR e BB AL 54, 7
PERE S5 R0R Z [ A e FEAUAR

x7 SAMRE R~FLIy
Table 7 Ablation studies on model size in SAM

BT RS AUC DP_20
SAM2-T 0.388 0.823
SAM2-S 0.386 0.786
SAM2-B 0.368 0.804
SAM2-L 0.388 0.878

T O R B A B A

3.4.4 IREEBIIVRIARE

ARG A T I ALH AN [ e A5
RUPERE R DR, AE PR R B SRR TR L 20 5]
it A B 23 o) B ) A E i 1 2 ) DA R R BR
BEIHLH (WA ER T i & T I Rl SL R,
5 e BRI L, LR A5 R 3R 8 i . FE R
B ILEG (wolk & B 1) B P fE 3
TR, AUC 0. 357, DP-20 4 0. 780, i A J5i 4 #5751
TE B s R AR FEAS 7 T A7 AE — 22 BB 4k LA 78 53400
B at TR S HEBOCHE I I, 5] A% [ 2 ik
J& AL AR 5 W E R T, AUC R = 22 0. 370, DP_
20 FF2 0. 805, 3 B 2 [l & 1A 20 | AR AL O
T B AR DI 2544 5 0 o A, 7R 2 2 s oA Bl
THERENRE R . M2 T S A GE I R S
BB A PR, AUC 40.359,DP_20 0. 781, &7
WEBE A /DN o R WASUAREE FH 388 1 () AR ok i finAS TS 3% 5. 4
AR SRR s [ AR A Xt H AR B A F 1 B0 5 ), 76 &
JEiE H AR IR ERAE 5 T AE AR A R . R s =
6] 34 B 77 538 T VR 4R A LR
AU REIL 2 e, AUC #2152 0. 388, DP_20 #2771 &
0. 878, ik B — L X FE BRI, UEIA %S 6] 538
T VE R Z [ B M v] DU H AR 0 55 B
PETHBIRIGT H bR i) 0K BE 5 ek .
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Table 8 Experiments with different attention mechanisms

Tk AUC DP_20
wlo IR G TER ] 0.357 0.780
SAB 0.370 0.805
CAM 0.374 0.817
AT 0.388 0.878

TE UL AR B8 e A1

il 308 18 K] 43 3] ) Xof BREEAERE 1 SE A , AE PR R AR
BN RS T AT R BB T RS . SEgR g
RANFR TR o 4 o BUE N 0. 50 I iS5 = 1Y AUC
(0.374) , Mt a2 0.25 5 0. 75 73 42 TF 0. 4% 5
0.6%; 7E DP 20 #5 #5 I =& 2 58/, 73 5l K
0.818.0.817 5 0. 819, ZEHKE , a WIEARHER
(AUC) MK, Hor o BUE 4 0. 50 BETEFRFIE A 4
G332 515 B B 43 3 2 M) U 5 3 P, DA
R 255 RIS
F9 TRBSH «BEHMEKE

Table 9 Experiment on the influence of different values of

hyperparameter «

HUE AUC DP_20
0.25 0.370 0.818
0.50 0.374 0.817
0.75 0.368 0.819

T LT AR B9 e e

4 & g

ARSI ) SR AR b 5 N e A bR R ER 5 32 15 5
ZRWTHE AFAHES | AR A BT S BOLIE R RS 4,
AL ik Z K iCAZ MiAE P BUR 5y 2k HARAE R
SRR, S 1R T3 SAM 2 1Y = T AR BRERAE AL
ZITIEFI T SAM 2 B s BEHE RS SC B H AR S 15 5
BER G E WIRSAM G T 5 ; [R] i Bl
LIS T AL B WO I S I, SR Tl P
AR AR R B N B IRAE ST . W TRAN SAM 2
Xt iR E G 22 SIS AL AR SCBHIR A i A R 45
PRI T B = E R A, F S ARSI 150
TR ABEE K F FR G A5 2 55 s 1] i O

)% B MR JE 8 SCRAE , S22 (i) —Bf P —e ik 4
fER PRI o SEIRASAER N, BT vE e = A8
P4 A S P OB Tk BUS AR B . Ak, 1
AP A EDE A o H AR R B BUE4E AHOT, NG &2
W 50 P P4 T BB ME . 28 b ARSCT Ik
R E AR RS SR T SR
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