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Fig.5 The confusion matrix of UCMerced-21
transferring NWPU-RESISC45 dataset
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Fig.6  Scene recognition accuracies of different
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Table 2 Scene recognition results and Kappa transfering UCMerced-21 to NWPU-RESISC45 dataset
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transferring UCMerced-21 dataset
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Table 3 Scene recognition results and Kappa transfering SUN397 to UCMerced-21 dataset
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