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Human Detection with a Coarse-to-fine Cascade Linear SVM

LI Tong-zhi,DING Xiao-qing, WANG Sheng-jin
( State Key Laboratory of Intelligent Technology and Systems,Department of Electronic Engineering , Tsinghua University , Beijing 100084 )

Abstract Finding human in images is critical for several applications in computer vision. We combine the cascade-of-rejec-

tion approach with the Histograms of Oriented Gradient (HOG) to form a fast and precise human detector. The detector con-

sists of coarse-to-fine linear SVM classifiers. Our experiments show that our method can process average 12 frames with 320 x

240 image per second,while maintaining the comparable accuracy to Dalal’s method.
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